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import requests
import json

v def fetch_and_save_data():

IEE S N7/=OpenAlex APINST—HZ#EB L. JSONT 7 4 )VICIRTET B BIEL.

api_url = "https://api.openalex.org/works?page=1&filter=authorships.institutions.li

print("APIICU S TR MZEXRFELTWET...")

try:

response = requests.get(api_url)

response.raise_for_status()

data = response.json()

file_path = "kyoto_university_papers_2024-2025.json"
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Programming Code
import requests
import json

import time

base url = "https://api.openalex.org/works"
all data = []
cursor = '*' # Start with the initial cursor value

per page = 200 # Max per page for cursor pagination is 200

print ("Starting data fetch using cursor pagination...")

while cursor:
params = {
"filter": "authorships.institutions.lineage:122299242,publication year:2024-2025",
"per page": per page,
"cursor": cursor
}
response = requests.get (base url, params=params)

data = response.json()

results = data.get ("results", [1])
if not results:
print ("No more results found.")
break

all data.extend(results)
meta = data.get("meta", {})
cursor = meta.get ("next cursor")

print (f"Fetched {len(results)} items. Total items collected so far: {len(all data)}")

if cursor:

time.sleep(0.1) # Add a small delay
print (f"\nFinished fetching data. Total items collected: {len(all data)}")
# Save all the collected data to a single JSON file
with open("all output cursor.json", "w") as f:

json.dump (all data, f, indent=4)

print (f"Successfully saved {len(all data)} items to 'all output cursor.json'.")



Fetched 28@ items. Total items collected so far: 3608
Fetched 28@ items. Total items collected so far: 3208
Fetched 28@ items. Total items collected so far: 4208
Fetched 28@ items. Total items collected so far: 4208
Fetched 28@ items. Total items collected so far: 4408
Fetched 20@ items. Total items collected so far: 4608
Fetched 20@ items. Total items collected so far: 4308
Fetched 20@ items. Total items collected so far: 5008
Fetched 20@ items. Total items collected so far: 5208
Fetched 20@ items. Total items collected so far: 5408
Fetched 20@ items. Total items collected so far: 5608
Fetched 20@ items. Total items collected so far: 5308
Fetched 20@ items. Total items collected so far: GO0@
Fetched 20@ items. Total items collected so far: 6200
Fetched 20@ items. Total items collected so far: 6400
Fetched 20@ items. Total items collected so far: G608
Fetched 20@ items. Total items collected so far: ©20@
Fetched 20@ items. Total items collected so far: 700@
Fetched 28@ items. Total items collected so far: 7208
Fetched 28@ items. Total items collected so far: 7408
Fetched 28@ items. Total items collected so far: 7608
Fetched 28@ items. Total items collected so far: 7208
Fetched 28@ items. Total items collected so far: 2008
Fetched 20@ items. Total items collected so far: 8208
Fetched 28@ items. Total items collected so far: 3408
Fetched 28@ items. Total items collected so far: B60@
Fetched 28@ items. Total items collected so far: 208
Fetched 28@ items. Total items collected so far: 9008
Fetched 20@ items. Total items collected so far: 9208
Fetched 20@ items. Total items collected so far: 9408
Fetched 20@ items. Total items collected so far: 9608
Fetched 20@ items. Total items collected so far: 9308
Fetched 20@ items. Total items collected so far: 10088
Fetched 20@ items. Total items collected so far: 19288
Fetched 20@ items. Total items collected so far: 19488
Fetched 20@ items. Total items collected so far: 106889
Fetched 200 items. Total items collected so far: 1928@
Fetched 200 items. Total items collected so far: 110@@
Fetched 200 items. Total items collected so far: 11280
Fetched 28@ items. Total items collected so far: 11488
Fetched 28@ items. Total items collected so far: 11688
Fetched 28@ items. Total items collected so far: 11588

Fetched 134 items Total Collected so for :14134

No more Results found

Finished fetching data. total items collected 14134
Successfully saved 14134 items to "all_output_cursor.json”
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Programming Code

# Step 1: T—AHAAH

# "all output cursor.json" JF7AIMNDET—A EiEAAH. DataFrameF{ERLE T,
import pandas as pd

import json



\EEVE
with open("all output cursor.json", "r") as f:
all data = json.load(f)

# The data is a list of records, which can be directly used to create a DataFrame
df _all = pd.DataFrame (all_data)

print ("Successfully loaded data from 'all output cursor.json'.")
display(df_all.head())

except FileNotFoundError:
print ("Error: all output cursor.json not found. Please ensure the file exists.")
except Exception as e:

print (£"An error occurred while reading or processing the JSON file: {e}")

ER:

id doi title display_name publication_year publication_date ids language  primary_lo
KEGG: KEGG:
biological biological Resmrtoe {is_oa"
0 hitps:/fopenalex.org/W4403479110 https://doi.org/10.1093/nar/gkae908 systems systems 2024 20281017y eralox org/WA4034791 10, en landing pag
database as  database as hittp:
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Genetic Genetic
drivers of drivers of {openalex: (is_oa"
1 hitpsi/fopenalexorg/W4391925503  httpsy//doi.org/10.1038/541586-024-07019-6  heterogeneity heterogeneity 2024 20280219 4 enalon.org/WA391925503.. en 'landing pag
in type 2 in type 2 hittp
dia.. dia...
Accelerating  Accelerating
the green the green {openatax: {is_oa"
4 hitps://openalex.org/W4395020896  https://doi.org/10.1016/jjhydene.2024.04.142 hydrogen hydrogen 2024 2024-0422 0 ocenalex org/W4395020996,, en ‘|andmg‘ﬁ?;

revolution: A revolution: A

Global trends ~ Global trends on
. . . and and o4 (openalex: \ -
hitps://openalex.org/W4395447577 https://doi.org/10.1126/science.adn3441 2024 20280825 e nalexorg/WAIOSAATETT.. en 'landing_pag
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5 rows x 52 columns
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# 'authorships' 5[ AN KSEHEEICHEOTULVS T8, KX DauthorEfEELET,
# WX Dauthor¥ W HH . 1D BELLHEDOHKBICFIEL TV SO TEEEELHIMLET,

def is_international collaboration (authorships):
if not authorships:

return False

countries = set ()
for author info in authorships:
if 'institutions' in author info and author info['institutions']:
for institution in author info['institutions']:
if 'country code' in institution and institution['country code']:

countries.add(institution['country code'l])

# BRAZIMEROENAEFEFNTNSEE IEERLET,

# DEKER2D UL DERGHSENHNE, BFREZFEALLET,

return len(countries) > 1

# #LUVF is_international' ZEBMLEY .



df all['is international'] = df all['authorships'].apply(is international collaboration)

# ERFERIXDAETAILZITLET,

df international = df all[df all['is international']].copy ()

print (f"Total number of publications: {len(df all)}")

print (£"Number of international collaborations: {len(df international)}")

# HEED-OICEERLERCODataFrameD k&iEEZRRTLET,

display(df international.head())

Total number of publications: 14134
Number of international collaborations: 5188
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# Ba—FhSKEI—FADIYEVIHEZEELET,

# FLEOLNJIET—FEREDIVELVTEZEHFETA. BEITISLTEML TS,

# FURBHAEIYEVIHNRERGESE. M54 T3V RT—42ty FOFIALIRETE
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# Ea—FhBsKE~ADIVEDY
# Ea—FhSKEI—FADIYVEVIBREZEELET,
# FELDNDIEI—FEXREDTYELTZEHFETH. BEICIELTEMLTLEZEL,

# FYBBNLETYEVINREGRIFEE. NS4 TSV T—42 1y FOFRALREETSE

id—o

country to continent

'Jp':
'DE':
'IT':
'DK':
'IN':
'BD':
'ZA':
'CL':
'IL':
'TR':
'PT':
'KE':
'CO':
'DZ':
'LB':
'YE':
'KZ"':
'AF"':
'BT"':
'SB':
'TO":
'PW':
'CK':
'NC"':
'PM':
'DM':
'BS':
'JM':
'CR':
'NI':
'SX':
'GY':
'PY':
'CL':
'SY':
'OM':
'CY':
'KZ':
'AF':
'MV':
'MY':
'KR':
'MO"':

= {

'Asia', 'US':
'Europe', 'FR':
'Europe', 'CH':
'Europe', 'NO':
'Asia', 'RU':
'Asia', 'LU':
'Africa', 'EG':
'South America’'
'Asia', 'PK':

'Europe/Asia’',
'SK':
'GH':

'Europe’,
'Africa’',
'South America'
'Africa', 'MA':
'Jo':
'CY':

'Asia’',
'Asia',

'Europe/Asia’',

'Asia', 'PK':

'Asia', 'NP':

'Oceania', 'VU':
'Oceania', 'KI':
'Oceania', 'FM':
'Oceania', 'NU':
'Oceania', 'NF':

'North America'
'North America'
'North America'
'North
'North
'North
'North
'South
'South

'South

America'
America'
America'
America'
America'
America'
America'

'IQ":

'YE':

'Asia',
'Asia',
'Asia/Europe’',

'Europe/Asia’',

'Asia', 'PK':
'Asia', 'MM':
'Asia', 'BN':
'Asia', 'KpP':
'Asia', 'KpP':

'North America', 'CA': 'North America', 'GB': 'Europe',
'Europe', 'CN': 'Asia', 'AU': 'Oceania', 'NL': 'Europe',
'Europe', 'KR': 'Asia', 'SG': 'Asia', 'SE': 'Europe',
'Europe', 'FI': 'Europe', 'ES': 'Europe', 'BR': 'South America',
'Europe/Asia', 'TW': 'Asia', 'IR': 'Asia', 'SA': 'Asia',
'Europe', 'PH': 'Asia', 'AT': 'Europe', 'ET': 'Africa',
'Africa', 'NG': 'Africa', 'AR': 'South America', 'CO': 'South America',
, 'MX': 'North America', 'BE': 'Europe', 'IE': 'Europe',
'Asia', 'MY': 'Asia', 'TH': 'Asia', 'VN': 'Asia', 'AE': 'Asia',
'"PL': 'Europe', 'CZ': 'Europe', 'HU': 'Europe', 'GR': 'Europe',
'Europe', 'UA': 'Europe', 'NZ': 'Oceania', 'EG': 'Africa',
'Africa', 'PE': 'South America', 'CL': 'South America',
, 'VE': 'South America', 'AR': 'South America', 'NG': 'Africa',
'Africa', 'SD': 'Africa', 'IQ': 'Asia', 'SY': 'Asia',
'Asia', 'KW': 'Asia', 'OQA': 'Asia', 'BH': 'Asia', 'OM': 'Asia',
'Asia/Europe', 'GE': 'Europe/Asia', 'AZ': 'Europe/Asia’',
'vz': 'Asia', 'TM': 'Asia', 'KG': 'Asia', 'TJ': 'Asia',
'Asia', 'LK': 'Asia', 'MM': 'Asia', 'KH': 'Asia', 'LA': 'Asia',
'Asia', 'MV': 'Asia', 'BN': 'Asia', 'TL': 'Asia', 'PG': 'Oceania',
'Oceania', 'NC': 'Oceania', 'FJ': 'Oceania', 'WS': 'Oceania',
: 'Oceania', 'TV': 'Oceania', 'NR': 'Oceania', 'MH': 'Oceania',
: 'Oceania', 'MP': 'Oceania', 'GU': 'Oceania', 'AS': 'Oceania',
: 'Oceania', 'TK': 'Oceania', 'WF': 'Oceania', 'PF': 'Oceania',
: 'Oceania', 'BM': 'North America', 'GL': 'North America',
, 'VC': 'North America', 'LC': 'North America', 'GD': 'North America',
, "AG': 'North America', 'KN': 'North America', 'AI': 'North America',
, 'CU': '"North America', 'DO': 'North America', 'HT': 'North America',
, 'TT': 'North America', 'BB': 'North America', 'BzZ': 'North America',
, 'SV': 'North America', 'GT': 'North America', 'HN': 'North America',
, '"PA': 'North America', 'BQ': 'South America', 'CW': 'South America',
, '"AW': 'South America', 'SR': 'South America', 'GF': 'South America',
, 'FK': 'South America', 'GS': 'South America', 'UY': 'South America',
, '"BO': 'South America', 'EC': 'South America', 'PE': 'South America',
, 'CO': 'South America', 'VE': 'South America', 'AR': 'South America',
'Asia', 'IR': 'Asia', 'KW': 'Asia', 'QA': 'Asia', 'AE': 'Asia',
'Asia', 'BH': 'Asia', 'LB': 'Asia', 'JO': 'Asia', 'PS': 'Asia',
'GE': 'Europe/Asia', 'AM': 'Asia/Europe', 'AZ': 'Europe/Asia',
'vz': 'Asia', 'TM': 'Asia', 'KG': 'Asia', 'TJ': 'Asia',
'Asia', 'LK': 'Asia', 'BD': 'Asia', 'NP': 'Asia', 'BT': 'Asia',
'Asia', 'TH': 'Asia', 'LA': 'Asia', 'KH': 'Asia', 'VN': 'Asia',
'Asia', 'SG': 'Asia', 'TL': 'Asia', 'PH': 'Asia', 'TW': 'Asia',
'Asia', 'MN': 'Asia', 'JP': 'Asia', 'CN': 'Asia', 'HK': 'Asia',
'Asia', 'MN': 'Asia', 'JP': 'Asia', 'CN': 'Asia', 'HK': 'Asia',



'MO': 'Asia', 'AU': 'Oceania', 'NZ': 'Oceania', 'PG': 'Oceania', 'SB': 'Oceania',

'VU': 'Oceania', 'NC': 'Oceania', 'FJ': 'Oceania', 'WS': 'Oceania', 'TO': 'Oceania',

'KI': 'Oceania', 'TV': 'Oceania', 'NR': 'Oceania', 'MH': 'Oceania', 'PW': 'Oceania',

'FM': 'Oceania', 'MP': 'Oceania', 'GU': 'Oceania', 'AS': 'Oceania', 'CK': 'Oceania',

'NU': 'Oceania', 'TK': 'Oceania', 'WF': 'Oceania', 'PF': 'Oceania', 'NC': 'Oceania',

'NF': 'Oceania', 'UM': 'Oceania', 'IO': 'Asia', 'AQ': 'Antarctica', 'TF': 'Africa',

'BV': 'Antarctica', 'CC': 'Asia', 'CX': 'Asia', 'HM': 'Antarctica', 'JP': 'Asia',

'KR': 'Asia', 'TW': 'Asia', 'CN': 'Asia', 'HK': 'Asia', 'MO': 'Asia', 'SG': 'Asia',

'MY': 'Asia', 'TH': 'Asia', 'VN': 'Asia', 'KH': 'Asia', 'LA': 'Asia', 'MM': 'Asia',

'BN': 'Asia', 'TL': 'Asia', 'PH': 'Asia', 'ID': 'Asia', 'PG': 'Oceania', 'SB': 'Oceania',
'VU': 'Oceania', 'NC': 'Oceania', 'FJ': 'Oceania', 'WS': 'Oceania', 'TO': 'Oceania',

'KI': 'Oceania', 'TV': 'Oceania', 'NR': 'Oceania', 'MH': 'Oceania', 'PW': 'Oceania',

'FM': 'Oceania', 'MP': 'Oceania', 'GU': 'Oceania', 'AS': 'Oceania', 'CK': 'Oceania',

'NU': 'Oceania', 'TK': 'Oceania', 'WF': 'Oceania', 'PF': 'Oceania', 'NF': 'Oceania',

'AU': 'Oceania', 'Nz': 'Oceania', 'UM': 'Oceania', 'AQ': 'Antarctica', 'TF': 'Africa',
'BV': 'Antarctica', 'CC': 'Asia', 'CX': 'Asia', 'HM': 'Antarctica', 'US': 'North America',
'CA': 'North America', 'MX': 'North America', 'GL': 'North America', 'BM': 'North America',
'"PM': 'North America', 'VC': 'North America', 'LC': 'North America', 'GD': 'North America',
'DM': 'North America', 'AG': 'North America', 'KN': 'North America', 'AI': 'North America',
'BS': 'North America', 'CU': 'North America', 'DO': 'North America', 'HT': 'North America',
'JM': 'North America', 'TT': 'North America', 'BB': 'North America', 'BZ': 'North America',
'CR': '"North America', 'SV': 'North America', 'GT': 'North America', 'HN': 'North America',
'NI': 'North America', 'PA': 'North America', 'BQ': 'South America', 'CW': 'South America',
'SX': 'North America', 'AW': 'South America', 'SR': 'South America', 'GF': 'South America',
'GY': 'South America', 'FK': 'South America', 'GS': 'South America', 'UY': 'South America',
'PY': 'South America', 'BO': 'South America', 'EC': 'South America', 'PE': 'South America',
'CL': 'South America', 'CO': 'South America', 'VE': 'South America', 'AR': 'South America',
'GB': 'Europe', 'DE': 'Europe', 'FR': 'Europe', 'NL': 'Europe', 'IT': 'Europe',

'ES': 'Europe', 'BE': 'Europe', 'SE': 'Europe', 'DK': 'Europe', 'NO': 'Europe',

'FI': 'Europe', 'PT': 'Europe', 'AT': 'Europe', 'CH': 'Europe', 'LU': 'Europe',

'IE': 'Europe', 'PL': 'Europe', 'CZ': 'Europe', 'HU': 'Europe', 'GR': 'Europe',

'SK': 'Europe', 'UA': 'Europe', 'RU': 'Europe/Asia', 'TR': 'Europe/Asia', 'CY': 'Asia/Europe',
'GE': 'Europe/Asia', 'AM': 'Asia/Europe', 'AZ': 'Europe/Asia', 'KZ': 'Europe/Asia',

'BY': 'Europe', 'LT': 'Europe', 'LV': 'Europe', 'EE': 'Europe', 'MD': 'Europe',

'RO': 'Europe', 'BG': 'Europe', 'AL': 'Europe', 'MK': 'Europe', 'RS': 'Europe',

'ME': 'Europe', 'BA': 'Europe', 'HR': 'Europe', 'SI': 'Europe', 'SK': 'Europe',

'CZ': 'Europe', 'PL': 'Europe', 'HU': 'Europe', 'AT': 'Europe', 'BE': 'Europe',

'NL': 'Europe', 'LU': 'Europe', 'FR': 'Europe', 'DE': 'Europe', 'CH': 'Europe',

'LI': 'Europe', 'MC': 'Europe', 'AD': 'Europe', 'SM': 'Europe', 'VA': 'Europe',

'IT': 'Europe', 'MT': 'Europe', 'CY': 'Asia/Europe', 'GR': 'Europe', 'AL': 'Europe',

'MK': 'Europe', 'RS': 'Europe', 'ME': 'Europe', 'BA': 'Europe', 'HR': 'Europe',

'SI': 'Europe', 'BG': 'Europe', 'RO': 'Europe', 'MD': 'Europe', 'UA': 'Europe',

'BY': 'Europe', 'LT': 'Europe', 'LV': 'Europe', 'EE': 'Europe', 'RU': 'Europe/Asia’',

'TR': 'Europe/Asia', 'GE': 'Europe/Asia', 'AZ': 'Europe/Asia', 'AM': 'Asia/Europe',

'KZz': 'Europe/Asia', 'UZ': 'Asia', 'TM': 'Asia', 'KG': 'Asia', 'TJ': 'Asia',

'AF': 'Asia', 'PK': 'Asia', 'LK': 'Asia', 'BD': 'Asia', 'NP': 'Asia', 'BT': 'Asia',

'MV': 'Asia', 'MM': 'Asia', 'TH': 'Asia', 'LA': 'Asia', 'KH': 'Asia', 'VN': 'Asia',

'MY': 'Asia', 'BN': 'Asia', 'SG': 'Asia', 'TL': 'Asia', 'PH': 'Asia', 'TW': 'Asia',

'KR': 'Asia', 'KP': 'Asia', 'MN': 'Asia', 'JP': 'Asia', 'CN': 'Asia', 'HK': 'Asia',

'MO': 'Asia', 'SA': 'Asia', 'AE': 'Asia', 'QA': 'Asia', 'KW': 'Asia', 'BH': 'Asia',

'‘OM': 'Asia', 'YE': 'Asia', 'IQ': 'Asia', 'SY': 'Asia', 'LB': 'Asia', 'JO': 'Asia',

'PS': 'Asia', 'IL': 'Asia', 'AU': 'Oceania', 'NZ': 'Oceania', 'PG': 'Oceania',

'SB': 'Oceania', 'VU': 'Oceania', 'NC': 'Oceania', 'FJ': 'Oceania', 'WS': 'Oceania',

'TO': 'Oceania', 'KI': 'Oceania', 'TV': 'Oceania', 'NR': 'Oceania', 'MH': 'Oceania',

'"PW': 'Oceania', 'FM': 'Oceania', 'MP': 'Oceania', 'GU': 'Oceania', 'AS': 'Oceania',

'CK': 'Oceania', 'NU': 'Oceania', 'TK': 'Oceania', 'WF': 'Oceania', 'PF': 'Oceania',

'NF': 'Oceania', 'UM': 'Oceania', 'AQ': 'Antarctica', 'TF': 'Africa', 'BV': 'Antarctica',
'cC': 'Asia', 'CX': 'Asia', 'HM': 'Antarctica', 'US': 'North America', 'CA': 'North America',
'MX': 'North America', 'GL': 'North America', 'BM': 'North America', 'PM': 'North America',
'VC': 'North America', 'LC': 'North America', 'GD': 'North America', 'DM': 'North America',



'AG":
'CU':
'TT":
'sv':
'PA':
AW :
'FK':
'BO":
'CO':
'AO":
'CV':
'CG':
'GQ':
'GM"':
'LS':
'ML"':
'MZ"':
'ST':
'ZA':
'TG':
'EH':
'DG':
'GF':
'UY "'
'PE":
'AR":
'HM' :

'"North America', 'KN': 'North America', 'AI': 'North America', 'BS': 'North America’

'North America', 'DO': 'North America', 'HT': 'North America', 'JM': 'North America’
'"North America', 'BB': 'North America', 'BZ': 'North America', 'CR': 'North America’
'North America', 'GT': 'North America', 'HN': 'North America', 'NI': 'North America’
'"North America', 'BQ': 'South America', 'CW': 'South America', 'SX': 'North America'
'South America', 'SR': 'South America', 'GF': 'South America', 'GY': 'South America'
'South America', 'GS': 'South America', 'UY': 'South America', 'PY': 'South America'
'South America', 'EC': 'South America', 'PE': 'South America', 'CL': 'South America'
'South America', 'VE': 'South America', 'AR': 'South America', 'DZ': 'Africa',
'Africa', 'BJ': 'Africa', 'BW': 'Africa', 'BF': 'Africa', 'BI': 'Africa',

'Africa', 'CM': 'Africa', 'CF': 'Africa', 'TD': 'Africa', 'KM': 'Africa',

'Africa', 'CD': 'Africa', 'CI': 'Africa', 'DJ': 'Africa', 'EG': 'Africa',

'Africa', 'ER': 'Africa', 'SZ': 'Africa', 'ET': 'Africa', 'GA': 'Africa',

'Africa', 'GH': 'Africa', 'GN': 'Africa', 'GW': 'Africa', 'KE': 'Africa',

'Africa', 'LR': 'Africa', 'LY': 'Africa', 'MG': 'Africa', 'MW': 'Africa',

'Africa', 'MR': 'Africa', 'MU': 'Africa', 'YT': 'Africa', 'MA': 'Africa',

'Africa', 'NA': 'Africa', 'NE': 'Africa', 'NG': 'Africa', 'RW': 'Africa',

'Africa', 'SN': 'Africa', 'sSC': 'Africa', 'SL': 'Africa', 'SO': 'Africa',

'Africa', 'SS': 'Africa', 'SH': 'Africa', 'SD': 'Africa', 'TZ': 'Africa',

'Africa', '"IN': 'Africa', 'UG': 'Africa', 'zM': 'Africa', 'ZW': 'Africa',

'Africa', 'RE': 'Africa', 'IC': 'Africa', 'EA': 'Africa', 'CP': 'Africa',

'Africa', 'SX': 'North America', 'AW': 'South America', 'SR': 'South America’',
'South America', 'GY': 'South America', 'FK': 'South America', 'GS': 'South America'
'South America', 'PY': 'South America', 'BO': 'South America', 'EC': 'South America'
'South America', 'CL': 'South America', 'CO': 'South America', 'VE': 'South America'
'South America', 'AQ': 'Antarctica', 'TF': 'Africa', 'BV': 'Antarctica',
'Antarctica', 'GS': 'South America', 'UM': 'Oceania'

def map countries to_ continents (country list):

continents = set()

for

country code in country list:
continent = country to continent.get (country code, 'Unknown')
# Handle cases where a country might span multiple continents or is unassigned
if '/' in continent:
for ¢ in continent.split('/'):
continents.add(c.strip())
else:

continents.add (continent)

return list (continents)

# Eff#ZF X DDataFramel=, 5L TS ETOKRED AMFIZEMLET ,

df_international['involved continents'] =

df international['involved countries'].apply(map countries to continents)

# IR R DR

:':' involved_countries involved_continents
0 [JR, US] [Asia, North Americal
1 [CA, IS, NL, JB, FR, TW, GB, IM. IR, CN, SE, D... [Asia, Unknown, Europe, Morth Americal

[BD, JP, SA, US, AU [Oceania, Asia, North America]

4
5 [GB, IT, BR, CH, LU, PH, NL, AT, JR, DE, FR, C... [Europe, Morth America, Oceania, Asia, South A...
6

[BR, CH, NL, ET, FR, JP, AU, GB, IN, PH, CN, Z... [Europe, North America, Oceania, Asia, South A...

display(df international[['involved countries', 'involved continents']].head())

’

’

’

’

’

’

’

’

’

’

’



4. KR 0 E R 0K
# ERHERNEREBICRIL. ENTLORXBEFTHLET .

continent counts = {}
for index, row in df international.iterrows():
for continent in row['involved continents']:

continent counts[continent] = continent counts.get (continent, 0) + 1

# $E B % DataFramelZZ#L TRRLET,

df continent counts = pd.DataFrame.from dict (continent counts, orient='index',
columns=['publication count'])
df continent counts = df continent counts.sort values(by='publication count',

ascending=False)

print ("KEERDEMEEZE/E: ")

display(df continent counts)

Sy KERIOEEREERIHN:
publication_count [

Asia 5177 1R

Europe 2265 y
Morth America 2104
Oceania 389
Africa 244
South America 159
Unknown 17

FR - KEEBOERAZRH

Bt ERXEHAZEDOEHEN BT HSREBICRELHER. UTOLIIZAYEL, (X1D
DIMXNEBDKEDEIZLDHEDGS . ENETNDRIXKICHhI U ENFT )

K= BB
7 F (Asia) 5,174
3—HAw/\ (Europe) 3,030

btk (North America) 2,389

At7=7 (Oceania) 418



XK (South America) 255
7 7')Ah (Africa) 192

ZDih (Unknown) 17

DHOER. TOT7EOEENRLEL, RNTI—AY/ N LRXITEFE T Shld, tEBREEYS
P RKOEERREEEORFICTH-PEEEZRRLTNDEZAONTT,

5. K O E R R M EET ETopSE D E

1. KEEOEREERE: NBLEZE2T 20T, BEXER O HEEL [Number of
international collaborations] 4 TL71-, ChE KEEICEELIHERIL. L TOEBYTY,
[DataFrame of continent counts]

2. KEBOERXZRIBDZUE (Top 5): HEREICHENT, ERREZERICHA LA 5 I
DEIF. LTDEYTY, [DataFrames of top 5 countries per continent for each

continent]
# EEHZFRXICONT, KEECENDORXBERL. LAUSHEZFELET
country counts by continent = {}

for index, row in df international.iterrows():
countries = row['involved countries']
# For international collaborations, each involved country contributes to the count
for country code in countries:
continent = country to continent.get (country code, 'Unknown')
# Handle split continents like 'Europe/Asia'
if '/' in continent:
continents = [c.strip() for ¢ in continent.split('/")]
else:

continents = [continent]

for ¢ in continents:
if c not in country counts by continent:
country_counts_by_continent[c] = {}
country counts by continent[c] [country code] =

country_counts_by_continent[c].get(country_code, 0) + 1
print ("KEZCEDEBEEERIHDLNE (Top 5):")

for continent, country counts in country counts by continent.items():

print (f"\n--- {continent} ---")

# Convert to DataFrame for easier sorting and display

df country counts = pd.DataFrame.from dict (country counts, orient='index',
columns=['publication count'])

df country counts = df country counts.sort values(by='publication count',

ascending=False)

10



display(df country counts.head(5))

--- Asia -
DE 624
publication_count
FR 477
P 5174
ES 447
CN 1016
T 267
KR 359
--- Oceania ---
IN 246
publication_count
L e 356
AU
--- North America ---
NZ 57
publication_count
us 1919 FJ L
ca 367 su !
wx 81 pw
--- South America ---
PA 14
publication_count
g = %
BR
--- Unknown ---
cL 51
publication_count
s 9 B =
or 5 co X
g B EE &=
--- Africa ---
Xk
publication_count
--- Europe ---
e ?
publication_count
647 7 =2

GB



DZ 20 NG 14

KE 16

Z8R . KEEDTopsSLERE

BERECENT, RARKZLEOHERIBARLZ VO LESHEIFUTORBYTY . COFVFUYT
(T, RBRZOERHGHAERYNT—IDINT 1EGO>TOBELREZRLTVET,

O 7S7 (asia)
B E4 (Ba—F) E P&

1 BA (Jp) 5,174
2 FE (cN) 1,016
3 #E (KR) 359
4 142K (IN) 246
5 B (TW) 245

o HEMNTIOTTEEIMGENTELY, 1,0004 2 B2 HHERIELELTCVET . CNIF. T
UTHEICB T ARVEREGHEBHAR/NA—IF—THAHLERLTVET,

o HAUP)DIRmXEMMSNT4E ESNTLAD(E, ERRLERXZHME T HME. IROH
XIZEDEITRTOE(BREET)ENIUNT BEHARITEDINTNS-HTY , BfR#
EMXNDEZHL AZEDVAMIZBRLEFNDOH. COBBARTSNTVET,

@) itk (North America)

g E& (Ba—F) ED &
1 T7AUNBERE (Us) 1,919
2 AFH (ch) 367
3 A¥F O (Mx) 81

4 INFT (PR) 14

5 J7TIZ (GT) 3

o THNEREMNEKEZBLTERADEZ/N—F—THY. TORIXEIF2,00044:8<I2E
LTLWEYT, ChlE. BXRBEDRERG AN EEERERAEICTLTOET,

@ 3—Aw/\ (Europe)

12



B  E% (Ba—Fk)

1 4 X)X (GB)

2 K4y (DE)
3 75 2A (FR)
4 ARA 2 (ES)

5 A432)F (IT)

Ep &

647

624

477

447

267

e TI—OY/NTIX, A FYRERAMYLMZE) —FL ., EHHEERTKEED /NS ROTNT-EE

MNELNET,

é) ZF+7 =7 (Oceania)

B E4 (Ba—Fk)

1 F—REZ1)7F7 (Av)

2 Za—Y—5VF
3 T4 — (FJ)
4 57 L (GU)

5 NS A (PW)

(NZ)

¢) m* (South America)

Bz E4 (Ba—F)
1 752)J)L (BR)

2 F!) (CL)

3 FILEUF T (AR)
4 J0OYE7F (Co)
5 ~NRJ)L— (PE)

G) 7 7' Ah (Africa)

EED
356
57
1
1
1

EPE

90

51

32

30

25

13



B  E% (Ba—Fk) Ep &

1 ICT b+ (EG) 72
2 m7 27N (za) 69
3 FILoxTYTF (DZ) 20
4 7=7 (KE) 16

5 FTATUT (NG) 14

6. TET—VDFEEY DT
1. CanadalDHELHTIZDT

Gemini~D{&k3d : Candat M E XHKIZDLVT. TopicE /XA EST LTS,

# Task
"https://openalex.org/works?page=1l&filter=authorships.institutions
.lineage:122299242,publication year:2024-2025, authorships.countrie
s:countries/ca&view=list, report,api" MHTopicZEHNH L TL LY,
BEUNN 0T —2m]F

Subtask:

fEESN=URLZ{FE AL TOpenAlex APINSHRXT—2ZIELET,

base url = "https://api.openalex.org/works"
all data = []
cursor = '*' # Start with the initial cursor value

per page = 200 # Max per page for cursor pagination is 200
user institution id = 'i22299242"'

canada_ country code = 'CA'

print ("Starting data fetch for Canada collaborations using cursor pagination...™)

while cursor:
params = {

"filter":
f"authorships.institutions.lineage:{user institution id},authorships.countries:{canada coun
try code},publication year:2024-2025",

"per page": per page,

"cursor": cursor

try:
response = requests.get (base url, params=params)
response.raise for status() # Raise an HTTPError for bad responses (4xx or 5xx)

data = response.json()

14



results = data.get ("results", [1])
if not results:
print ("No more results found.")

break

all data.extend(results)
meta = data.get("meta", {})

cursor = meta.get ("next cursor")

print (f"Fetched {len(results)} items. Total items collected so far:
{len(all data)}")

if cursor:

time.sleep(0.1) # Add a small delay

except requests.exceptions.RequestException as e:
print (f"Error fetching data from OpenAlex API: {e}")
break # Exit the loop if an error occurs
except Exception as e:
print (f"An error occurred: {e}")
break

print (f"\nFinished fetching data. Total items collected: {len(all data)}")

# Save all the collected data to a single JSON file
if all data:
with open("canada collaboration data.json", "w") as f:

json.dump (all data, £, indent=4)

print (f"Successfully saved {len(all data)} items to 'canada collaboration data.json'

else:

print ("No data was fetched for Canada collaborations.")

EE} Starting data fetch for Canada collaborations using cursor pagination. ..
Fetched Z8@ items. Total items collected so far: 200

Fetched 174 items. Total items collected so far: 374

Mo more results found.

Finished fetching data. Total items collected: 374
Successfully soved 374 items to 'conado_colloboration_data.json’.

'n)

AFFEQOHRBEERICET ST —IMNEEITERGF SN, canada_collaboration_data.json&L TREFES
hEL=, RDORTYT L. ZOT—4%pandasDDataFramelZFHmAHRAL TETT , Tk, FIERID &

HTIK. ELLO LR T ENE=T—42% 3 ATULV L DataFramelZ X L TETEIN TNV == T

ER

import pandas as pd

import json

try:
with open("canada collaboration data.json", "r") as f:

canada collab data = json.load(f)

15



# The data is a list of records, which can be directly used to create a DataFrame
df canada collaboration loaded = pd.DataFrame (canada collab data)

display(df canada collaboration loaded.head())

except FileNotFoundError:
print ("Error: canada collaboration data.json not found. Please ensure the file exists.")
except Exception as e:

print (f"An error occurred while reading or processing the JSON file: {e}")

aR:

0]

id doi title  display_name publication_year publication_date ids language  primary_locati
Genetic Genetic
drivers of drivers of ‘ - {is_oa" Trt
0 https;//openalex.org/W4391825503 https://doi.org/10.1038/s41586-024-07019-6 heterogeneity heterogeneity 2024 0240219 oo /w4391099225”55053x en Ylanding_page u
in type 2 in type 2 psi/fop -Org, "https://t
dia. dia
Ticagrelor or  Ticagrelor or {is_oa' Fak
Clopidogrel  Clopidogre! 0. [openalex" , -oa- Fak
1 hitpsi//openalexora/W4392986179  https://doiora/10.1001 famacardio 20240133 =090 ) “ORI0T 2024 20240320y ooy org/WA302886) 70, en |anqmg,'paﬂgegj
vs Dual vs Dual P
Hybrid self-  Hybrid self-
centering  centering T (is_oa" Fal
2 https:;//openalex org/W4394065072 https://doiorg/10.1016/j.engstruct 2024.117920  braces with  braces with 2024 2024-04-07 . en ‘landing_page_u
\oraces with  oraces Wi https://openalex.org/W4394065072. e
. s
Impact of Impact of
population population (openalex" [is_oa Trt
3 https://openalexorg/W4392201685  httpsi//doiora/10.1038/s41467-024-45901-z aging on aging on 2024 20240227 g ey oro/WA3OPR01 808 en 'landing page u
future future https://t
temperatu..  temperatu
Platinum Platinum
complexes  complexes {openalex: {is_oa* Tru
4 https://openalexorg/W4396685024 https://dal.org/10.1039/d4cs00218k with with 2024 20240101y ey org/WAS9BB05004.. en landing page u
aggregation-  aggregation- https://t

induced em. induced em.

5 rows x 51 columns

ZDISONTF7AIIEEBEBRIEIZZDIA—IVYMILTH L., 2 HZETVET,

Gemini~NDIKFE: hFFEDHETRAAVBDEERE VY (Top 3) ZRRL. TORA AR DR
XHEEENDETETOPIDIEYIIZDLNTRE L TS,

from collections import Counter

# Dictionary to store topic counts per domain
topic_counts_by domain = {}
# Dictionary to store total publication counts per domain

domain_total_ counts = Counter()

for index, row in df canada_collaboration_loaded.iterrows() :
domains_in publication = set() # Use a set to count each domain only once for the
total count
topics_list = row['topics']
if topics_list:
for topic in topics_list:
domain name = None

topic_name = topic.get('display name')
if 'domain' in topic and topic['domain'] and 'display name' in
topic['domain']:

domain_name = topic['domain']['display_ name']

if domain_name:

16



# Count each domain once per publication for the total domain count
domains_in_publication.add(domain_name)
# Count each topic occurrence within its domain
if domain_name not in topic_counts_by domain:
topic_counts_by domain[domain name] = Counter ()
if topic_name: # Ensure topic_name exists before counting

topic_counts_by domain[domain_name] [topic_name] += 1

# Add the domains from this publication to the total domain counts

domain_total_ counts.update(list(domains_in publication))

print ("NFTFEDRER/XICEITDFAAVFDEERE YD (Top 3) & RAS V2AKDMHIE:")

# Display top 3 topics and total count for each domain

for domain, topic_counts in topic_counts by domain.items() :

total count = domain_total_ counts.get(domain, 0)
print (£"\n--- {domain} (i3 #{: {total count}) ---")
# Get the top 3 topics for the current domain
top_topics = topic_counts.most_common (3)
if top_topics:
for topic, count in top_topics:

print (£"- {topic}: {count} FWX")

else:

print ("&EIT B LEVIIEHY FEA,

~

# Also print domains that had publications but no topics with display names

for domain in domain_total_ counts:

if domain not in topic_counts_by domain:
total_count = domain_total_ counts.get(domain, 0)
print (£"\n--- {domain} (F#®X#{: {total count}) ---")
print ("Z D FAA VICBEEMF TN FEYIRIEHY FBATLIZ, ™)

l\ﬂ%:
AFFEORFERLICETLSFAAS HDERRE YL (Top 3) & KA A EEORIH:

-- Life Sciences (SR3C¥: 128) ---

RMA modifications and cancer: 9 §§3C
Chromosomal and Genetic Variotions: 8 53
Genomics and Phylogenetic Studies: 7 3w3L

-- Health Sciences (ERICEI: 147) ---

Sepsis Dimgnosis and Treatment: 7 530

Cardiac Arrest and Resuscitotion: 5 ER3Z
Intensive Care Unit Cognitive Disorders: 5 SR3C

-- Physical Sciences (SR3#: 1e4) ---
Astrophysical Phenomena and Observations: 15 3
Galoxies: Formation, Evolution, Phenomena: 14 ER30
Gamma-ray bursts and supernovae: 12 ER3C

-- Social Sciences (ER3EI: 64) ---

Cultural Differences and Values: 9 53T

Psychological Well-being and Life Satisfaction: & SR
COVID-19 and Mental Health: & SR3C

17



Gemini~D{K}E:

# Task

"all_output_cursorjson" 77 LEFEHAH . I—HF—DFEHKELEAT T OEENHKELT
WBERXIZDWT, FE YRR E EFT L TIZELY,

t DT FEDHERIXDEE

### Subtask:

df_all DataFramem 5, A—H— D EHE (RO T—FEEFHFD T4 I)L 32—
authorships.institutions.lineage:i22299242 T E SN 1=#4B8) LhF 4 D#ES (Ea—F 'CA")
DEANEFENIMXEHFELET,

o NFTFEDHZFRMIMNOHHINIZCNODRASLEMEVIIF, DT EHDERRRITEFRICH
RETOTCVDRHTHLIEEZONFET,

o HIZ.RTRSNTVWSLELDIEYIIEX AFZDHREENBHNORARELH AL TRYBAT
WAEBEGHET —YETLTVES . CNoDDFE, hFF 02 MR OARKENRAZE
FoTL\S., HAHVITEAL TV S AIREEAT N EEZAET,

WEEE: LD YIRFIRE-FEHYBZCERLTEY . CORPFTOHTF EDEEAFFIC
LN ENTRINETS,

B BET—VYOFREYSH

HFFEDHEBERIDIE VY

NTFEDEESDE

ERfHE R XTI RE2MIELST=DFTH (CA) EDHZFRXIZDVT. AR T— (FAS 5 Top 3
FEVI)ZFRIEYLELT=,

ALY WX Top 3 FEWY (GHEXE
#
BARY (Natural 172 - XX%2 - FEHYEY: 56 X - RATFYE
Sciences) ¥ 46 WX - BYEZE: 39 @X
TIZHT (Technology) 59 . 14 /X - ANITHRE: 13 /X -

BRIH: 13 #X

E¥ - BERE (Health 57 - BEEEMMNER: 8 WX - REFE - mERE
Sciences) WX - AFHEREE: 7 wmX

~J

HERBE: 10 WX - #METF: 9 WX - K

#¥ (Mathematics) 28 -
. 7 WX
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#IEZ (Physics) 26 - EFYETFE: 6 WX - BOEF#M: 5 WX

- FRMNFER: 5 WX

B

HFFEDOHERARIT. BRABZES T BFITKNZ - FHYEZ, RUFHEFEV AR EFHE
BICBECEPLTVDIENTMVET ChlE. REFRITODIIMOERSRARADSELE,

TO—NVIGHBANTRRAIR G B TORELEREZ RTELTOET,

2. HEKZEEZE (Graduate School of Medicine) ® £ & 53¢ (4,53444%

)

A OpenAlex B Works - - 2§ 0
Unsaved search ~ na s <
(1) @ Institution is v Kyoto University X + X
) [ Year 2024-2025 / X
[ Q. Raw Affiliation String "Graduate School of Medicine” #* X
° ﬁ
https://api.openalex.org/works?page=1&filter=authorships.institutions.lineage: 122299242, publication_year:2024-2025, raw_affiliation_strings.search:Graduate+School +of +Medicine O
&sort=relevance_score:desc&per_page=10
Works 2l & Stats + &
4,534 results g Open i X © Topi i X g Instituti Pox
The impact of large language models on radiology: a guide for radiologists g Access H opic H @ Institution H
on the latest innovations in Al
o N . . o, Venous Kyoto University 4,534
2024 - Takeshi Nakaura, Rintaro lto, et al. - Japanese Journal of Radiology B v s ox 59% Thromboembolism
o ‘ear § [m] 56 National Hospital
itedby 55 PDF 2,674 Diagnosis and [m] 553
: Management Organization
g Acute Myeloid Leukemia o [u] H"E L:”‘VE'S'W of 532
Components and Delivery Formats of Cognitive Behavioral Therapy for Research e s o
e University o
Chronic Insomnia in Adults O ooy " 45 O osaa 455
T i
2024 - Yuki Furukawa, Masatsugu Sakata, et al. - JAMA Psychiatry Kyoto University
Glioma Diagnosis and 330
Cieany7s PO O s a0 ospiar
Cardiac Arrest and
More...
O Resuscitation a lore.
ChiP-Atlas 3.0: a d ing suite to explore to-
More.

gether with large-scale regulome data

2024 - Zhaonan Zou, Tazro Ohta, et al. - Nucleic Acids

Gemini~DIKREE : LT DFHXEIson 774/ ILIZLTIEEY,

https://api.openalex.org/works?page=1&filter=authorships.institutions.lineage:i22299242 publicati

on_year:2024-2025,raw_affiliation_strings.search:Graduate+School+of+Medicine

import requests
import json
import time

base url = "https://api.openalex.org/works"
all data medicine = []
cursor = '*' # Start with the initial cursor value

per page = 200 # Max per page for cursor pagination is 200
filter query =

"authorships.institutions.lineage:122299242,publication year:2024-2025,raw affiliation stri

ngs.search:Graduate+School+of+Medicine"

print ("Starting data fetch for Graduate School of Medicine publications using cursor

pagination...")

while cursor:
params = {
"filter": filter query,
"per page": per page,
"cursor": cursor
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try:
response = requests.get (base url, params=params)
response.raise_for_status() # Raise an HTTPError for bad responses (4xxX or 5xx)
data = response.json()

results = data.get ("results", [1])
if not results:
print ("No more results found.")
break

all data medicine.extend(results)
meta = data.get ("meta", {})
cursor = meta.get ("next cursor")

print (f"Fetched {len(results)} items. Total items collected so far:
{len(all data medicine)}")

if cursor:
time.sleep(0.1) # Add a small delay

except requests.exceptions.RequestException as e:
print (f"Error fetching data from OpenAlex API: {e}")
break # Exit the loop if an error occurs
except Exception as e:
print (f"An error occurred: {e}")
break

print (f"\nFinished fetching data. Total items collected: {len(all data medicine)}")

# Save all the collected data to a single JSON file
if all data medicine:
filename = "graduate school medicine all works.json"
with open(filename, "w") as f:
json.dump (all data medicine, f, indent=4)

print (f"Successfully saved {len(all data medicine)} items to '{filename}'.")

else:
print ("No data was fetched for Graduate School of Medicine publications.")

HER:
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¥ Starting data fetch for Graduate School of Medicine publicetions using cursor pagination. ..

Fetched 200 items. Total items collected so far: 209
Fetched 2008 items. Totol items collected so far: 489
Fetched 200 items. Total items collected so far: 6@@
Fetched 200 items. Total items collected so far: 2@@
Fetched 200 items. Total items collected so far: 1000
Fetched 20@ items. Total items collected so far: 12080
Fetched 200 items. Total items collected so far: 1490
Fetched 2008 items. Totol items collected so far: 1600
Fetched 200 items. Total items collected so far: 1800
Fetched 2008 items. Totol items collected so far: 2000
Fetched 200 items. Total items collected so far: 2200
Fetched 20@ items. Total items collected so far: 2499
Fetched 200 items. Total items collected so far: 2600
Fetched 2008 items. Totol items collected so far: 2800
Fetched 200 items. Total items collected so far: 3008
Fetched 2008 items. Totol items collected so far: 3200
Fetched 200 items. Total items collected so far: 3400
Fetched 200 items. Total items collected so far: 3600
Fetched 200 items. Total items collected so far: 3800
Fetched 200 items. Total items collected so far: 4200
Fetched 200 items. Total items collected so far: 4200
Fetched 200 items. Totol items collected so far: 4499
Fetched 134 items. Total items collected so far: 4534
Mo more results found.

Finished fetching data. Total items collected: 4534
Successfully saved 4534 items to 'graduate_school_medicine_all_works.json’.

BITALEE
import pandas as pd

import json

try:
with open("graduate school medicine all works.json", "r") as f:

medicine data = json.load(f)

# The data is a list of records, which can be directly used to create a DataFrame
df medicine = pd.DataFrame (medicine_data)
display (df medicine.head())

except FileNotFoundError

print ("Error: graduate school medicine all works.json not found. Please ensure the file

exists.")
except Exception as e:

print (f"An error occurred while reading or processing the JSON file: {e}")

tER:
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id doi

0 https://openalex.org/W4393317046 https://doi.org/10.1007/s11604-024-01552-0

1 https://openalex.org/W43909840632 https://doi.org/10.1001/jamapsychiatry.2023.5060

2 https://openalex.org/W4396976552 https://doi.org/10.1083/nar/gkae358
3 https://openalex.org/W4393078422 https://doi.org/10.1038/541418-024-01280-y
4 https://openalex.org/W4409501791 https://doi.org/10.1038,/s41586-025-08700-0

5 rows x 52 columns

from collections import Counter

import pandas as pd

title

The impact
of large
language
models on
radiolo...

Components
and Delivery
Formats of
Cognitive

B..

ChiP-Atlas
3.0: a data-
mining suite
to explore...

Mitophagy
mediated by
BNIP3 and
MNIX protects
a..

Phase /Il
trial of iPS-
cell-derived

dopaminer...

display_name

The impact
of large
language
models on
radiolo...

Components
and Delivery

Formats of
Cognitive B...

ChiP-Atlas
3.0: a data-
mining suite
to explore..

Mitophagy
mediated by
BNIP3 and
MIX protects
a...

Phase /1|
trial of iPS-
cell-derived

dopaminer...

# Extract all topics from the 'topics' column for the medicine publications

all topics medicine = []

for index, row in df medicine.iterrows():

topics list = row['topics']

if topics list:

for topic in topics list:

topic name = topic.get('display name')

if topic name:

all topics medicine.append(topic name)

# Count the occurrences of each topic

topic counts medicine = Counter (all topics medicine)

relevance_s

316.01

283.1¢

269.3(

264.5:

252.11
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# Display the topic counts

print ("Graduate School of Medicine BEEMRXICEITS LE VY RIDHTE:")

# Convert to DataFrame for better display

df topic counts medicine = pd.DataFrame.from dict (topic counts medicine, orient='index',

columns=['publication count'])

df topic counts medicine = df topic counts medicine.sort values(by='publication count',

ascending=False)

# Display the top N topics (let's display top 20 for a good overview)

display(df topic counts medicine.head(20))

# Display the structure of the 'topics' column for one publication as an example

but helpful)

# print ("\n'topics' HDT—REERF:")

# 1f not df medicine.empty and 'topics' in df medicine.columns and

df medicine['topics'].iloc[O0]:

# display(df medicine['topics'].iloc[0])

# else:

# print ("T—AHMELD, 'topics' FINFELBEVZHRRTEEEA ")

BR LUTORRIZE. 1 DDRIXTHEBD Topich'H 27 —A M HY . SR D4,534DFH IO

T.AOURLE-ED T,

Topic Name

Gastric Cancer Management and Outcomes

Immune Cell Function and Interaction

Cancer Immunotherapy and Biomarkers

Venous Thromboembolism Diagnosis and Management

Lung Cancer Treatments and Mutations

publication_count

91

88

84

79

76

(optional,
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74
Acute Myeloid Leukemia Research

74
Hematopoietic Stem Cell Transplantation

69
Pancreatic and Hepatic Oncology Research

67
Atrial Fibrillation Management and Outcomes

66
Radiomics and Machine Learning in Medical Imaging

62
Cancer Genomics and Diagnostics

62
Glioma Diagnosis and Treatment

59
Functional Brain Connectivity Studies

57
RNA modifications and cancer

) ] 56

Lung Cancer Diagnosis and Treatment

53
Cardiac Arrest and Resuscitation

52
Liver Disease Diagnosis and Treatment

52
Asthma and respiratory diseases

52
Chronic Obstructive Pulmonary Disease (COPD) Research

51

Organ Transplantation Techniques and Outcomes

EZ81:

Gastric Cancer Management and Outcomes (91 {4)

Immune Cell Function and Interaction (88 )

Cancer Immunotherapy and Biomarkers (84 1)

Venous Thromboembolism Diagnosis and Management (79 {4)
Lung Cancer Treatments and Mutations (76 )

Acute Myeloid Leukemia Research (74 &)

Hematopoietic Stem Cell Transplantation (74 {4)



e Pancreatic and Hepatic Oncology Research (69 {4)
e Atrial Fibrillation Management and Outcomes (67 4)
e Radiomics and Machine Learning in Medical Imaging (66 )

hoDEfMEYIMS, CORBH#REIM Graduate School of Medicine 2 T2 R (. hA (5
IZBAA . iHNA ., BISE. Bl -FFENAGE) . &S, MiRAEE (M ERE. EmEAaEiE
7E) . BRFERWEMBLE) . ZLTERERIZE TS AIBBEES LV -2 FICEICESE
LTTWAIERDMYET,

NoDREFEA. CORBICETOEFMENDERLGHELLGOTINDEEASTLE,

ZE2:
EFEEERX D EE

REKZFDGraduate School of Medicinel ZB:E 3 %i#34,5344 %R, TOHELE VI DIE
mESHLEL

& FEVY £ X

iz #

1 BONANDEE LAEMAE (Gastric Cancer Management and 91
Outcomes)

2 RIEMAOMEE S HE{EA (Immune Cell Function and Interaction) 88

3 MNAREEEELE /N A T—H— (Cancer Immunotherapy and 84
Biomarkers)
4 BARMIEERIEDZET & EE (Venous Thromboembolism Diagnosis 79

and Management)

5 fiMADAEEEZEZE (Lung Cancer Treatments and Mutations) 76

£Z93:
Graduate School of MedicinelZHITAMHED EELHE (L, LT DR FICEAREICEFLTHET,

1. HAHZ (Oncology): BAA (FB14L) . fiAYA (E541) . BIMR. Bl - FFiEAAGLE . ik
[CHO-AEEDOMNABE - EENEMEEHTLET,

2. REFLMEEER: REMBKE (F260) . NAREERZE (BE3MI) | #AIRMASZERE (4
1%) sflﬂlﬁ’%ﬁﬁﬂiﬂﬂ@hﬁﬁ&\ RIED AT LMK EE - EMIZEH 2 E RS L UBERAEAE

—G o

3. IR0 E: *ERERICH T HAIHWFE (Radiomics and Machine Learning) **A%
J:;ﬁé_:ﬁzﬁbffs% RPN OEMEERELZH - AEEDRKICEENLTLLIENOIMD
z_ o

NODHRERET, RBREZEZRRHN HEDNABLRE -MREBELVS-EEREICERE
BEE0D., BRMAREmDOHET —VICHLEBHICIRYBATNSIEERLTVET,
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N OpenAlex

0. 5—RREAT42: B RELRION)DEZFIRED D

DRI, KB KZA20204F ~ 20254 (A BAL-2ZE £ (OpenAlexk Y ER1E L 1-7,780
H)ERRIZ LRCMIADEFRAEAEL. TOERERETH-ODEKNGIREET
54D TY,

1. T—2EG L

I B REFEDLRIR) ZEHIK R DR S 4T

I B RKZOLRSI)ZEFIKRIZDNT, OpenAlexT—RELIROKN)T—2%2BEL. EEREDH
LEL=.

HH EE

v R IBSE 3 Iz B K = (Gifu University) 020204 ~2025F D ZE ¥

ex.org/wo 2page=1&fi

ear:2020-2025

https://api.opena
5503, publication

ECNC 7,784 (APIER&fE 7,78044)

Iz B K% : OpenAlexi o, IRB RZEDEEPERL. LIRDIIZEFE L TOENHDIZDNT, 4
[CHBZEIRET D,

Step1: IFE KZEDE/EWEOpenAlexh L, E5FIEHRECSVIET 5,

Step2: LRI DEFIEHRES 9 O—KL, Step1 THIHSh=T—4% <%

Step3:Step1MCSVT, Step2 THRRF=T—FERLER Ov—FILAAMLEICLROR) D
BHEOABEEFIVI9 5, (https:/lopenpolicyfinder.jisc.ac.uk/)

Step4: LRSKJ[ZEFENLZNEDIZDNTIL, £4EITERLT, FiEEB5,
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https://api.openalex.org/works?page=1&filter=authorships.institutions.lineage:i42405503,publication_year:2020-2025
https://api.openalex.org/works?page=1&filter=authorships.institutions.lineage:i42405503,publication_year:2020-2025

Step1: I B XZFDEEY D

@ OpenAlex B Works ~

LingQ
OV INDT I EAKTILETT  (3)

Unsaved search ~ n «© <
@ Institution is - Gifu University X + X
£ Year 20202025 /° X

O

API https://api.openalex.org/works?page=1&filter=authorships.institutions.lineage:142405503,publication_year:2020-2025&sort=cited_by_count:desc&per_page=10 rI:I
Works YT Stats + &
Review on spintronics: Principles and device applications 7,784 results @ OpenAccess i > © Topic Pox
2020 - Atsufumi Hirohata, K. Yamada, et al. - Journal of Magnetism and Magnetic Materials Siycosylat "
ycosylation an
crednrnes ) Year P ﬂ 61.8% O Giycoproteins Research %
4,808 i d

[m} ctre 58
Implications of TP53 allelic state for genome stability, clinical and in
tic syndromes =] 53
2020 - Elsa Bernard, Yasuhito Nannya, et al. - Nature Medicine i
Cited by 531 (m] et 51

[g Disbetes Treatment and 20
JCS/JSCS 2020 Guideline on Diagnosis and of Cardi Sequelae in Ka: ki Disease Management
2020 - Ryuji Fukazawa, Junjiro Kobayashi, et al. - Circulation Journal More.

Citedby31s  PDF

API:
https://api.openalex.org/works?page=1&filter=authorships.institutions.lineage:i42405

503.publication_year:2020-2025
MNORIG TEBRT784H/NET R TISONTA—T YR TE I O—KRFTBELS(ZL TS,

[AI(Gemini) IZ&BAR—DR—I 3 B NDEIE]

o FEARRRE: Ao O—FMMR—TH (20044) TIELE, APHGZE Dmetal&#RIZ**next_page**
F—DEENTWVGENSTZENRA,

e GeminilZkAIEIE: OpenAlex APINpage/SSA—EDA D) AUK L2 TR—DR— 3>
FITOMERTHAILEFEL. O—FEEBLE,

o #ER: BF 7,780 HDOET—FEFITAEITIL.
**institution_i42405503_papers_2020-2025.json**|Z{RTE5E T o

I—R#EBIELT. APINSEREFLT- meta 15D page & per_page ZF>TRDR—C DURLEE
BT BESNEEBLET ., ChIZKY, TRTOR—CZIBBICA Y O—RTEDLSITHYET,

EITHERERRALEL - AP Ho B ARELRT R TOT—42, 851 7780 DAY O—R N EEIC
5T L. institution_i42405503 papers 2020-2025.json &LV 77 ILICREFESNELT=,

ZDT—Ahi5, OpenAlexID, Title, DOI, F#&H % ., OAFEA|. PDFOURLECSVTHIHLTLV=1E1T
TWLWTLESM?

Gemini: A& =LELT-=, BIRIOMHEIERIZ/NZ T, OAFERIEPDFOURLEBHHELTCSVI7ZAIL
IZ&HBE5Z. a—FE%BELET,
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https://api.openalex.org/works?page=1&filter=authorships.institutions.lineage:i42405503,publication_year:2020-2025

EITHREERLEL, 7780 DO/ T—42M 5. OpenAlex ID. Title, DOI, E& % . OA T&5I.
PDF @ URL AMEZE(CHH Sh . extracted paper data.csv Z7AILICRTFESNELT-,

STEP2. LRI M) B KR D747
(FT—42BROTO+EX]

1. OpenAlexT—%4#i (Step 1): ¥ A—KRL=JSONT7A1/LHM 5, OpenAlex ID. Title,
DOI. &#&% . OATEH|. PDFDURLZCSVI 74 /LELTHIM,

2. LIROM)T—42EE (Step 2): IRERZFEDLARIK) N SFEITCSVEES (20204 ~2025
),

3. EEFIvVY (Step 3): 2DDCSVEFHEL. ZARILD—EHE*COUNTIFEEZ*THhI Uk,

(EFRRDEFIK]

R BEEE TEEIhDCE

OpenAlexm™>R1=L7RY  #35.0%  OpenAlexIZ RSN TLWWBIRB KB DSI5, LIRDH

rIDEE DIZBEEFSNTLBDIET<—ER,
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044>  English

Qi
T x50 | ~erams
EEaN RETH
BEE EEFR F#D
ik T Bt
% ]
PtaN— BTR—Y
DOl #EID
WRYAT -l - v WS AT - L - v
BIREE T0Y5LE
[ TP FOBSIH HUB5ES
Resource Type 17245 50D 1 #EH~ 200 HEERT

departmental bulletin paper (8609)
doctoral thesis (4402) 2004 ORT v LO—-FESEFULWVWE - NPl

journal article (2396)
research report (1048)

conference paper (460) R7FRFBEDSBDF/ /A AR ORI
other (239)

conference output (50) e, BE

book (41) 1854 A H | 2025-06-25

Version Type BEASEEUKT b BEARE

NA (9915)

2020 M 52025 F TH/IXECSVTA I O—KL T, 12D IT7AILIZLET,

Step1 THERLLT=CSVI 74 JLEStep2 TA o O—KLT=CSVI7( L& R LA, Step1 TEREN 1=
CSVIZAIIZHBEANILDHE)AMELET,

Step3: LARCK)hH ASn=T7414)LEOpenAlexh b HEn =7/ ILE1DDT7AILIZLT,
A4 )LT =COUNTIF(LLERIG AR, LLERERT)EEREL. MFEHVUMNFT,

B2 . fr  =COUNTIF|OPENAELXISBS2:SBST781,42)
A B G

1 Titlel Repository Comparis{¥|Count  [¥]
2 |oHUEEEr Yo (DAS) EFALEREERELOALATS S T EERERONEL
H

Zeoiitic Imidazolate Framework (ZIF-8) derived C-doped g-C3N4/zinc oxide j ion with ytic H202 production
SLUDGE WALORIZATION USING PYROLYSIS AMD UTILIZATION OF CHAR FOR WASTEWATER TREATMEMT

=)

w

Coexisting algal species affecting the presence of fishy odor-causing Uroglena sp. in surface water
3D A¥ZU— b FUNTF 4 ¥ T ERWERERH OREE
Dynamics of Soil Microbial Communities and Their Influence on Tea Nutrient Composition Under Varied Management Practices
Elucidation of the Mechanism of Juice Sacs Granulation in Citrus and Development of Mitigation Technology
RTF FEBEISEE T /0T A EONS
10 ARigeH =2 —0> OBBE & FERRREBEEY SRAC3 DFREREORERT
11 |S0X17 expression in tumor-penetrating vessels in relation to CD8+T-cell infittration in cancer stroma niches
12 |Experimental model of micronodular thymic neoplasm with ymphaid stroma
13 |Pesticide Dynamics Mapping by Geo-climatic Simulation for Sustainable Pesticide Management
14 ERMEEE - 1 NTREC S SEEAEORIERRREROM A
15 WRENTCE a8 NE ZRE
16 Impact of a Combination of Animal and Agricultural Waste Biochar on Seil Quality. Scil Microbial Abundance. and Forage Yield in a Grassland
17 |Flavoncid Roles in Ruminant: Potential Intake Through Forage Diversity and Its Metabolism Pathway, As Revealed by Omics Studies
18 BSREONEE R
19 | @ERFRAREFRAO MR « UFC L DRABRERIA 0GR
20 | Applications of fractional dynamics to macroscopic and micrescopic complex systems
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2
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2
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20 MEEOEHRIE TR E- FIRLF—0SRERE L ERREO TS 25—t
27 Direct methanol synthesis in atmospheric pressure DBD plasma
2
29 |Modern river-sand geochemical mapping in the Manufahi municipality and its surroundings, Timor-Leste
30 | Transfer and distribution of heavy metals in soil environment: the involvernent of sorbents, microplastics, and earthworms
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OpenAlexfll THEIHRIZHERLET,
OpenAlexf8liZ(X. PDFOURLEATELTWNS XA HEN T, ThdEEEICHETELT
BETHILTINTERAMFATEET,

G7771 : ﬁ( =COUNTIF('REPOSITORY RECORDS'ISAS2:5A51981,87771)
D E F G H I

7768 | Hiroyuki Fujwara, Yoshitsune Kato, Masayuki Kozawa, Akira Terakawa, Taisuke Matsui 0 388
7769 | Hiroyuki Fujiwara, Yoshitsune Kato 0 388
T770|Kenjire Kunieda, Yuichi Hayashi, Megumi Yamada, Masahiro Waza, Tomeneri Yaguchi, ichire Fujishima, Takayoshi Shimchata o 388
TT71|Kimiharu Fuseya, Akio Kimura, Nobuaki Yoshikura, Akira Takekoshi, Yuichi Hayashi, Takayoshi Shimohata 0 388
7772 | Nobuaki Yoshikura, Akic Kimura. Takayoshi Shimahata o 388
7773 Takuya Kudo. Yuichi Hayashi, Tomeneri Yaguchi, Kenjiro Kunieda, Kazuhire Higashida, Megumi Yamada, Akio Kimura, Takayoshi Shimehata o 388
T774|Akira Takekoshi, Akio Kimura, Nobuaki Yoshikura, Takayoshi Shimohata o 388
7775 |Kaoru Fujishiro, Hikaru SUGIH) https://www.jstage jst.go.jp/article/adhesion/57/3/57 3-1/ pdf 0 388
7776 | Tomoaki Kimura, Motohike Murakami 0 388
TTT7 | Jumpei Teriyama, Shoji Hashimoto, Gentare Araki, Koh Yasue, Masashi Saitoh, Saito Satoshi 0 388
7778 | Jumpei Teriyama, Shoji Hashimoto, Gentare Araki, Koh Yasue, Masashi Saitoh, Saito Satoshi 0 388
7779 Tomoaki Kimura, Motohike Murakami 0 388
TT8D | Takafumi Ushida, Tomomi Kotani, Fumie Kincshita, Kenji Imai, Tomoko Nakano-Kobayashi, Noriyuki Nakamura, Yoshinori Moriyama, S. Yoshida, Mamoru Y 0 388
TT81|UNA BAQ, SHULUM, Hideki Maki 0 388
7782 388
TT83
7784 388 7780 5%
7785
TT86
7787
7788
7789
7790
7791
7792
7793
7794
7795
7796
7798

REPOSITORY RECORDS OPENAELX ar
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I B RKZDLRSK) M5 RB0penAlexT —2NEEIF19.7W%IRELLYET,

Ra BERE RESNAHE

OpenAlexm b R 1= OpenAlexIZIREREN IR B REFFRXDI5 LRI IZEFS
LRON)IDEE #95.0% NTWLBDETLhTITHS,

LAROM)IDB R T LARUMIZEFIN TV SR D28 [LOpenAlexI ZHURFRE
OpenAlexDEE #19.7% | nTLVS,

COFERMN, BERERFOHBIROMN)ADERERIEELIEONKECHLHIEMNHALMIZAEYEL
2o LIRDRZEELREM RO LA -ZERODIGELTERT SHI12IE. BB ERIEERHIR
HLENFET,

OpenAlexX [&Unpaywal N iR KDOAD T —AN—ZXTE A, (L, LR DOAhIZE,
OA%EMIZ, PDFYUOMNEE LTV Y, B ABEAHYET , SO DINEREFLYIEREIZT S
ET.OATERATESHELLENDBLDERNET,

V. OpenAlexM>DCSVIF7AILT—E2TPDFD I DHZHXHN D, BEHEERHKLT, LIRSH)
[THBHLTLEFELLS,
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Title2 OpenAlex |~|ooi | = [AuthorNames [~]oa type [~ |FOF URL [+
Atsufumi Hirohata, K. Yamada, Yoshincbu Nakatani, Lucian

Review on spintronics: Principles and device: i https://dol.org/10.1016/ 020.166711

Arjan A.van de Loosdrecht, Martin Ja
dersten, Magnus Tobiasson, Olvier Kesmider, Matide Y.
Follo, Felicitas Thol, Ronald Feitosa Pinheiro, Valeria Santini,

I oannis Kotsianidis, Jacqueline Bowltwood, Fabio Pires de.

Impiications of TP53 allelic state for genome stabiity, clinical nd ¢ https://dol.org/10.1038/41591-020-1008-2

e 3
Shigeru Chiba. Yasushi Miyazaki, Carlo Finel, Maria Teresa
\oso, Lee-Yung Shih, Michaéla Fonte: H. Jansen,
José Cervera, Yoshiko Atsuta, Norbert fermann,
Benjamin L. Ebert, Rafael Bajar. Peter L Greenberg, Mario
Cazzola, Eva Hellstrom-Lindberg. Seishi Ogawa, Eli

b

bayashi, Mamoru Ayusawa,
Hiromichi Hamada, 3, Yoshinide Mitani, Etsuko
Tsuda, Hiroyuki Makajima, Hirayuki Mat uki

keda, Kazuhiko Nishigaki, Hiroy uki Suz

https://wow.jstage.istgo.ip/article/circi/84/8/84 Cl-
19-1084/ pdf

JCS/JSCS 2020 Guideline on Diagnosis and of € S https://dol.org/10.1253/cire].cj-19-1094

hi Yol
Ochi, Scichiro Kitamura, ienji Hamaoka, Hideaki Senzaki,
Takeshi Kimura

LARO R BRITEA~DE KIS

COBRREHREL., HEVROM) DffifEZHRKRILT 57=8IZ, OpenAlexD T—4ZFRALI-EAKI
TIO—FERELET.

4’ OpenAlexT—4%ERALI=7/LTFAMNREDEIL

OpenAlexM b LI=CSVT—4IZIL., X DPDFOURLAfTESNTLSEDNHYET . Ch
X, ZFDHRIXNA—TT7 R (0OA) THY ., ZILTXF AT TIZH AR EEIZH D EZTRL
TWETF,

o T7ULaAv: TNLDPDFIIZERFDRXEREL. TNEE (KEH) ISHLTERMISERZE
Y, VRO M) AN DI/BEFEEIKELET .

o R COMYMAIZEY. SHMEBDOAT IV I+ —LTAREINTVSEEYMEHEIRI
DIZERYAL CENTE, TLTFRAMDEEHERELRDN) DOATREBENKIBICHERLE
TO

IRERFEE DM L R EDRER

OpenAlexfUnpaywalli & DS EBOAT —AR—R LB N TT A, TR TOHRIETEITHEL T
O TIEHYFEE A

o THULav: LIROMAIT, EEAICHAZEELOL. ZFOZEYHER . ST —4~—
ATIHBERLENTOVEVRXEEREICERLTELIIET NET —2DFELMENLZR

E=EFT,
o );J_J% IR ERFDHAERRELYEEN DILEICHFRNFEEL, OAZRES HENTERE

. BRBEDY—F LA (BIAEIZE DL Top 25)
BEERXRFZOHRENEDLIETv—FILICHXERTBL. EOMINEMRICKELEELS5ZT
WEHERIET B0, BREDv—FTILESIRBOZVIEICHTLELZ, (VA XT—2%KR5L.
ERI25#ERRLTVET )

(SO BM] IEEXRFORIXT—2EEAL. TBGRBAEDy— L (HE/EREBLE) DEAZEE
79 5.

[#EREE) /4 XT—4(PubMed Central, Unknown Venue’i &) 25 L=, BIBR# D &A%
LMEIZTop 25Dz FEEEMELELT -,
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LIRS, BFEETOP252 R KT A=-6HNDTOT I L

import pandas as pd
import json

import os

# JSONT 7 A JLD/IR
json_file path = '/content/institution_ 142405503 papers_2020-2025.json'

# JSONT 7 1 L ERAAD
papers data = []
if os.path.exists(json file path):
with open(json file path, 'r', encoding='utf-8') as f:
data = json.load(f)
papers _data = data.get ('papers', [])
print (f"'{json file path}' M5 {len(papers data)} HOMXT—2EHMAHFE LTz, ")
else:
print (f"IT5—: Z7AIARDOMYFEEA - "{json_file path}'")
papers data = [] # ZOYRXMEERLTIZ—%H<

# X T —A2DFEARENT U DAHERR
if papers data:
# OpenAlex IDZF—<& L Thost venue®Ddisplay name& SIRAMZERMNT 51X b ZEERK
venue info list = []
for paper in papers data:
openalex id = paper.get('id', ''")
venue name = 'Unknown Venue' # T Z#/L ME
citation count = paper.get('cited by count', 0) # IR E G

# best oa location B venue name ZHUF
best oa location = paper.get('best oa location', ({})
if best oa location and best oa location.get ('source'):
venue name = best oa location.get ('source', {}).get('display name', 'Unknown
Venue')

else:

# best oa location AZELMESE. primary location MBHERE

primary location = paper.get ('primary location', {})

if primary location and primary location.get ('source'):

venue name = primary location.get ('source', {}).get('display name',

'"Unknown Venue')

if openalex id:
venue info list.append({'OpenAlexID': openalex id, 'Venue Name': venue name,

'Citation Count': citation count})

# 1) R bh oDataFrame Z#{ERK

venue df = pd.DataFrame (venue info list)

# BN T BvenuefF 1) X FTER
excluded venues = ['PubMed Central', 'PubMed', 'Unknown Venue', 'arXiv (Cornell

University)', 'Research Portal Denmark']

33



# B RMZEENLELWenueZ TI ARV

filtered venue df = venue df[~venue df['Venue Name'].isin(excluded venues)].copy ()

# Venue Namel & DFRXEE &
venue counts = filtered venue df['Venue Name'].value counts() .reset index()

venue counts.columns = ['Venue Name', 'Publication Count']

# Venue Namel LDSIAHDEIHZEFHE
venue citations =
filtered venue df.groupby('Venue Name') ['Citation Count'].sum().reset index()

venue citations.columns = ['Venue Name', 'Total Citation Count']

+ BRBESIRRDT -2 &S

venue analysis = pd.merge (venue counts, venue citations, on='Venue Name')

# SIRMDOSVIEICHEAEZ T EA2SHERIE
top venues by citation = venue analysis.sort values (by='Total Citation Count',

ascending=False) .head (25)

print ("\niXI&FEE (v —FIL/KEGE) Top 25 (BIRAKIE. BRONEH) : M)

display(top venues by citation)

else:

print ("AWT BHDB/IXT—2HHY FEA. )

'lcontent/institution_i42405503_papers_2020-2025.json' Hi5 7807 DX T —2%&HAIAHEL
1=

XL (U —FILIREGEE) Top 25 (5| ABE. BRSVEH):

Venue_Name  Publication_Count Total_Citation_Count

1 Scientific Reports 129 2279
International Journal of Molecular Sciences 71 1562
3

Journal of Magnetism and Magnetic 8 1222

173 Materials
8 Cancers 49 970
26 Nature Communications 21 665
65 Circulation Journal 13 557
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220

209

81

55

455

72

21

102

226

75

338

125

23

350

22

Biomolecules

PLoS ONE

Journal of Veterinary Medical Science

Frontiers in Plant Science

Cells

International Journal of Hydrogen Energy

Nature Medicine

Reviews in Agricultural Science

Proceedings of the National Academy of
Sciences

Nutrients

Analytical Sciences

Environmental Research

Physical review. D/Physical review. D.

Radiological Physics and Technology

Antioxidants

Journal of Biological Chemistry

JAMA Network Open

Hepatology Research

51

106

12

15

54

13

25

10

12

24

25

499

417

405

365

360

345

342

338

318

304

298

288

287

284

272

270

268

265
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B

ISPRS Journal of Photogrammetry and 1 263
Remote Sen...

RAIRTE L EFE N Scientific Reports (Ti%Fa R34 (1294) L#A5 | A% (2,2791) DE
ATEEIMGAGLERY ., IERKZEDZHRLEDFOMEENCOEBRMLGEATOvy—FILEE
BLRERDIBELTWSIEADMYET,

S22 70O vy—F)L: Nature Communications (43| %1665 ) . Nature Medicine ({2
5| %3424 ) . Proceedings of the National Academy of Sciences (PNAS) (¥25| %k
3184F) Lotz EADB WY T r—FILIZHRXEEBL. &L REERBLTLAD
EWHERRTEEY,

MEDEP9 5 EF: International Journal of Molecular Sciences. Cancers. Journal of
Veterinary Medical Science’s & £fflE, BEFR, REF LWL FICRELzDv—F
ILDNEGIIZEZL CNODABNBEERZOREIZHBITEIEELHTHACENTESINE
d—o

SO r—FILYRME LRSI BROBEIRE A HILRIEET, I3 RN S S —F
LIRS RX L, FENDSKECABED=— B0, BEMILESH BREEET 5
CET R MANDEREEBHHENTEET
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N OpenAlex

M.5—RREAT43: EFAVE1—30FOMES T (BAHEE)
2 3k : hitps://doi.ora/10.5281/zenodo.13959607

ZD DL, OpenAlexDT—% (APIZ4ILE—:
primary_topic.id:t10682,authorships.countries:countries/jp) IZE 3%, BADHAREIZLDEFIV
E1—207NITIVXLET—FTOFv—ICHT 55N 3,4228Z M REL T, TORMMLGZENE
MEDEEEMEH I HIDTT .

%) OpenAlex B Works - © & 0
Unsaved search ~ n & <
© Topic s~ Quantum Computing Algorithms and Architecture X + X
® country s ~ Japan X + X
° E
Works zl & Stats + &
Quantum computers 3,405 results @ OpenAccess i X © Topic P X
2010 - Thaddeus D. Ladd, Fedor Jelezko, et al. - Nature
o Quantum Computing
Ctedby 3195 POF & Year P ox ﬂ 57.4% Algorithms and 3405
) 1053 Architecture
Quantum circuit learning
2018 - Kosuke Mitarai, Makoto Negoro, et al. - Physical review. A/Physical review, A
Cited by 1,225
Quantum Simulators More...
2009 1. M. Buluta, Franco Nori - Science
Gited by 797 )
gy Institution HEPS do Type HEPS
Aflexible representation of quantum images for polynomial preparation, image compression, and process- O TheUniversity of Tokyo w0 O artele 2710
ing operations O Tohoku University 255 O preprint 383
2010 - Phuc Q. Le, Fangyan Dong, et al. - Quantum Information Processing
Chedby 638 O Tokyo Institute of Technology 254 [J bookchapter 250
0O Keio University 236 [ book 18
O review 14

A coherent Ising machine for 2000-node optimization problems O RIKEN 233
API: https://api.openalex.org/works?page=1&filter=primary_topic.id:t10682,authorships.countries:countries/j

GeminilZ, OpenAlex TUL T DAPI TFRTHL#kEISON File TH 2 O—FLTLESLY,
https://api.openalex.org/works?page=1&filter=primary topic.id:t10682,authorships.countries:countries/jp

1. T—AMEBTOEROBRELET
IBEH  E

o BADEBBIZKDIARNT. T3/ —rEVINEFALVEL—EDTIT)XLET—FTY
XR  Fr— (primary_topic.id:t10682) M3k,

API https://api.openalex.org/works?page=1&filter=primary_topic.id:t1068
2,authorships.countries:countries/jp

il 342214
2

ColabTFRY S LEET
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https://doi.org/10.5281/zenodo.13959607
https://api.openalex.org/works?page=1&filter=primary_topic.id:t10682,authorships.countries:countries/jp
https://api.openalex.org/works?page=1&filter=primary_topic.id:t10682,authorships.countries:countries/jp

import requests
import json
import time
import math

# - BRE -

# OpenAlexMPoliteness Policy (1001) 7 TR &:8=FF 518 . JVTAMEISEEEZEANET
# 1) DT RANHT=YO0.6F DIEET, $9100U VT AN EHFTEET,
DELAY_BETWEEN_REQUESTS = 0.6

# B9 DAPIDR—RURLED 1 ILA—514

# filter=primary_topic.id:t10682,authorships.countries:countries/jp
BASE_URL = "https://api.openalex.org/works"

FILTER = "primary_topic.id:t10682,authorships.countries:countries/jp"
PER_PAGE = 200 # 1RXR—>Hh =Y Qi KEVF 43k
OUTPUT_FILENAME = "openalex_jp_t10682_works.json"

def fetch_all_works():
OpenAlex APINSIEESNT= I/ INA—FHIC—HT 5T R TOXIEREFL . SSONT7AILIZREFELET .
R—Ux—av (per-page=200) FE AL TET—4EMELET .
all_works =]
page =1
total_results =0
total_pages = 0

# 1—H—T—Ux &R (Politeness Policy#4%)
# BEDA—ILTRLRICESZHZ TS (7l "OpenAlex Downloader Script (contact: your_email@example.com)")
headers = {

"User-Agent": "OpenAlex Downloader Script (contact: example@example.com)”

}

print(f"--- OpenAlex X#k4 > O—KRBIE ---")
print(f" 21 JLE3—5 4 {FILTER}")

#1. FIE VTR THART—2 (£ HH) T IE
try:
initial_url = f"{BASE_URL}?filter={FILTER}&per-page={PER_PAGE}&page={page}"
print(f'#1[E") VT XhH...")
response = requests.get(initial_url, headers=headers)
response.raise_for_status() # HTTPZS—F v’
data = response.json()

total_results = data['meta’]['count’]
total_pages = math.ceil(total_results / PER_PAGE)

print(f"#33CHkEL: {total_results}")
print(f'LZEER—IH: {total_pages}R—")

if total_results == 0:
print("& &I AXHEM R OMVERATL Iz RVUTMERTLET L")
return

# DRIR—2 DHEREEMN
all_works.extend(data['results'])
print(f"R—<> 1/{total_pages} ZERFLFELT=, ({len(all_works)}/{total_results}4)")

except requests.exceptions.RequestException as e:
print(f"#E I TR RIZTS—HFEELEL:: {€)")
return
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#2. R—DCR—23v )L—TTRYDT—EEME
#2R—UAMNSRBER—TFETIL—T
for page in range(2, total_pages + 1):
# OpenAlexDHEREIZHEL, VI TANEHITEEREZIEA
time.sleep(DELAY_BETWEEN_REQUESTS)

try:
current_url = f"{BASE_URL}?filter={FILTER}&per-page={PER_PAGE}&page={page}"
response = requests.get(current_url, headers=headers)
response.raise_for_status() # HTTPZTS>—Fzv%
data = response.json()

# #ERUXMEN
works_on_page = data.get('results’, [])
all_works.extend(works_on_page)

print(f"R*R—<> {page}/{total_pages} ZEW{FL FELT=. ({len(all_works)}/{total_results}5)")

# MSHEEAEEDREREBAT-5EE. L—TEKT
if len(all_works) >= total_results:
break

except requests.exceptions.RequestException as e:
print(f"R—<> {page} DEIFHICTS—HFELFELI=: {e}")
break

except Exception as e:
print(M" P HITS—MFELEL: {e}")
break

#3. T—H%JSONTF7AILIZIRTE
try:
with open(OUTPUT_FILENAME, 'w', encoding='utf-8') as f:
# OpenAlexMDL AR A REREML . by TLARILICE T —REIEHN
output_data = {
"meta": {
"count": len(all_works),
"db_source": "OpenAlex",
"filter": FILTER
}

results": all_works
}
json.dump(output_data, f, ensure_ascii=False, indent=4)
print(f'\n--- £ A—R5E T ---")
print(f"&&t {len(all_works)} DX #k% '({OUTPUT_FILENAME} IZRFFLELT=. ")
except Exception as e:
print(f" 77 ILDEZAHFRICTS—HFHELELI: {e)")

if _name__=="_main__"
fetch_all_works()

BmE:

--- OpenAlex X#k4 7> A—RBAE -

T4 ILA—%: primary_topic.id:t10682,authorships.countries:countries/jp
#WE) TR

X EkE: 342214

WERR—D8: 18R—D

R— 118 £#BBLELT=, (200/34224)

R— 2/18 ZEFFLELT=, (400/34224%)

R—3 3118 #EBLELT=, (600/34224)
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R— 4/18 ZEFBLELT=, (800/34224)
R— 5118 ZEBLELT=, (1000/34224%)
R— 6/18 ZE/LELT=, (1200/342244)
R—2 718 ZEAFLELT=, (1400/342244)
R— 8/18 #HB/LELT=, (1600/34221%)
R— 9/18 ZEFBLELT=, (1800/342214)
R—2 10/18 ZHB/LELT=, (2000/34224%)
/\—y 11/18 ZEFLELT=, (2200/34224%)
—2 12/18 #EIGLEL =, (2400/342214)
R—2 13/18 ZE{LELTz, (2600/342214%)
R— 14/18 ZEFFLFELT=, (2800/342214)
R— 15/18 #H{LELT=, (3000/34224%)
R— 16/18 ZERLELT=. (3200/34224%)
R—2 17/18 ZEB{LELT=, (3400/34224%)
R—2 18/18 ZEFLFELT=, (3422/34224%)

- HAHUA—RET -
&5t 3422 DX RR%E 'openalex_jp_t10682_works.json' [Z{R7FELELT=.

(£#4Ho0—FDRL]

OpenAlex®MPoliteness Policy (1001 VT A5 ) #EFY 516 VI T AN ITELE (0.65)) ZHE
HIEHD ., £ 3,422 DRI T —HE18R—DI 1T TRFL
openalex_jp_t10682_works. json*[Z{RELELT=,

Gemini =
2.5Flash v &

OpenAlex TELFDAPI TIART ~ [ OpenAlex £X@%¥2>A—K & Colab [cT7 A/R— K < X
DfiR% JSON File T5' v > O —
RLTLZE 0N,
https://api.openalex.org/works?
page=1&filter=primary_topic.id:t1
0682,authorships.countries:coun

tries/jp

DELAY_BETWEEN_REQUESTS = 0.6

OpenAlex APIZFIFAL T, EEShicktE (F51<Y BASE_URL

FILTE ountries:countries/jp"
PER_PAGE

INTOXHMERF L. JSONT 7 MLELTREFT BT OUTPUT FILEN

HDPythonR 7 ') 7~ Z4EEL U & T,
def fetch_all_w
OpenAlex APllZ—FEEICEE T & 24 MICHIRN H 2 fc
. ZDRIY TR EA: DEP - 708 Ly JSONZ 7 A JLICRFFLE T
) ZEALT. £ ; 7

@ GeminiANO7OY 7 h%EAD

es:co.untri.esl|pb‘bJSON?T'f)l«%ﬂEEEL, ’5"& SHTL. 342214'-0)IEEfJ‘b§|FH§iI %’D<
Top10D P v—F IILEHFE LIELLIT T 5,

# Task
Identify and rank the top 10 journals based on citation counts from the JSON file
"openalex_jp_t10682_works.json".
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https://api.openalex.org/works?page=1&filter=primary_topic.id:t10682,authorships.countries:countries/jp
https://api.openalex.org/works?page=1&filter=primary_topic.id:t10682,authorships.countries:countries/jp

## Load data

### Subtask:
Load the data from the generated JSON file ‘openalex_jp_t10682_works.json" into a pandas DataFrame.

Reasoning:

The first step is to load the data from the JSON file into a pandas DataFrame. The data is nested under the
'results’ key, so | will read the JSON and then access the 'results’ key to create the DataFrame. After loading, |
will display the head and info to verify the data structure.

import pandas as pd

# Load the JSON data from the file
with open('openalex jp t10682 works.json', 'r', encoding='utf-8') as f:

data = json.load(f)

# Create a DataFrame from the 'results' key

df = pd.DataFrame (data['results'])

# Display the first few rows and information about the DataFrame
display(df.head())
display(df.info())

id doi title  display_name publication_year publication_date ids language primary_location  type ... datasets
(is_oa' False,
. § Quantum Quantum y (openalex | >
0 https://openalex.org/W3037863801 hitps://dolorg/10.103g/maturs0gg12 LORm - CLer 2010 20100301 o canalax org/W303/ 883501 en \ar\dmg_iaﬂg:s_\;;\ article 0 [https;//opena
Quantum Quantum Copenalex: (is_cat: True,
1 hitps://openalexorg/W2790388700  https://doi.org/10.1103/physreva.98.032309 circuit circuit 2018 20180910 en ‘landing_page_url: article 0 Ihttps;//opena
learming learming https:/openalex.org/W2790388700. by
. i s False,
- - Quantum Quantum N {openalex ; (lis_oa' A .
2 hitpsy//openalexorg/W4247361737  https://doiorg/10.1126/science.1177838  (MENUT HARAT 2009 20081001 o onalexorg/WAR4Y 361 737, en \and.ng,;aﬂg:;\;;\ article i
Aflexible A flexile s oa
representation representation 2010 2010-04-16 (openalex: | d['sf"a Fa‘sﬁ -
3 hitps://openalexorg/W2001883788  hitps://doi.org/10.1007/511128-010-0177-y "SFTEeeriation repreeenaton - nttps:/fopenalex.org/W2001 8388 en. Tanding_page_u article i
images fo. images fo. P
A coherent A coherent lis_oa" True,
) ) Ising machine  Ising machine (openalex e D
4 https://openalex.org/W2533968486 https//doiorg/10.1126/science.aah4243 For 2000~ for 2000- 2016 2016-10-21 https://openalex.org/W2533968486.. en \andlng\ﬁ%ag:;}idr\ article ... 1]
node optimiz.. nede optimiz. LS

5 rows x 50 columns

<class 'pandas.core.frame.DataFrame'>
Rangelndex: 3422 entries, 0 to 3421
Data columns (total 50 columns):

# Column Non-Null Count Dtype
0 id 3422 non-null object

1 doi 3203 non-null object

2 title 3417 non-null object

3 display_name 3417 non-null object
4 publication_year 3422 non-null int64
5 publication_date 3422 non-null object
6 ids 3422 non-null object

7 language 3413 non-null  object

8 primary_location 3385 non-null object
9 type 3422 non-null object

10 type_crossref 3422 non-null object
11 indexed_in 3422 non-null  object
12 open_access 3422 non-null object
13 authorships 3422 non-null object
14 institution_assertions 3422 non-null object
15 countries_distinct_count 3422 non-null int64
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16 institutions_distinct_count 3422 non-null int64
17 corresponding_author_ids 3422 non-null object
18 corresponding_institution_ids 3422 non-null object

19 apc_list 1171 non-null  object
20 apc_paid 506 non-null  object
21 fwci 3003 non-null  float64
22 has_fulltext 3422 non-null  bool
23 fulltext_origin 1745 non-null  object
24 cited_by count 3422 non-null int64

25 citation_normalized_percentile 3411 non-null object
26 cited_by percentile_year 3422 non-null object

27 biblio 3422 non-null object

28 is_retracted 3422 non-null  bool

29 is_paratext 3422 non-null  bool

30 primary_topic 3422 non-null object

31 topics 3422 non-null object

32 keywords 3422 non-null object

33 concepts 3422 non-null object

34 mesh 3422 non-null object

35 locations_count 3422 non-null int64

36 locations 3422 non-null object

37 best_oa_location 2061 non-null object
38 sustainable_development_goals 3422 non-null object
39 grants 3422 non-null object

40 datasets 3422 non-null object

41 versions 3422 non-null  object

42 referenced_works_count 3422 non-null int64
43 referenced_works 3422 non-null object
44 related_works 3422 non-null object
45 abstract_inverted_index 2506 non-null object
46 cited_by_api_url 3422 non-null object
47 counts_by_year 3422 non-null object
48 updated_date 3422 non-null object
49 created_date 3422 non-null object

dtypes: bool(3), float64(1), int64(6), object(40)
memory usage: 1.2+ MB

None

## Extract journal information

### Subtask:
lterate through each work in the DataFrame and extract the journal title and its citation count.

Reasoning: Iterate through each work in the DataFrame and extract the journal title and its citation count, storing
them in a list of tuples.

journal citations = []

for index, row in df.iterrows{() :
primary location = row|['primary location']
if primary location is not None and 'source' in primary location and
primary location['source'] is not None:
journal title = primary location['source']['display name']
citation count = row['cited by count']

journal citations.append((journal title, citation count))
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print (f"Extracted {len(journal citations)} journal entries with
citation counts.™)

Extracted 2987 journal entries with citation counts.

## Aggregate citations

#H### Subtask:
Group the data by journal title and sum the citation counts for each journal.

Rank journals
Subtask:

Sort the journals in descending order based on their total citation counts to identify the top 10.

Reasoning: Sort the journal citation summary by citation count in descending order and select the top 10 rows.

top 10 journals =

journal citation summary.sort values (by='citation count',
ascending=False) .head (10)

display(top 10 journals)

Q1. I AEIZE D Top 10 x¥—FJL

BADEFIAVEL—SHREN. EORRERLZENDHOIMTERLTLLEMEE. R
X DM AKICEOSNTIVF I LEL,

[ Venue_Name (%F55c) Total Citation Count
iz (51 M%)
1 Physical Review Letters 14,978

2 Physical Review A 7,716

3 Nature Communications 5,528

4 New Journal of Physics 3,618

5 Science 3,584

6 Nature 3,551

7 Physical Review B 3,048

8 Applied Physics Express 2,878

9 Scientific Reports 2,504
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10 Optics Express 2,427

EZ5.
BEBRPENTOv—FIILADET

S2% 25 D LI, Physical Review LettersZ$£83(Z, 7 A HMIBZ A M FITT SPhysical
ReviewZ DT v—F LN EHTULET,

o EBHIEADZIN: (X, BRODEFALVE1—FREL, FILTVAXLET—FTIFv—
ELVSTFEOEMS L YEEGFICER-ERAR) " OERZERL. TORREREIER
HAEMFETRERLTLNSIELEERLTLET,

o SEAU/I\UrEE~DETR: Nature Communications. Science. Nature& U\ o71=E A%y
T RIWNTFTA4T)F)— (B Ov—FILE LIS O9C40LTEY . BRAOHEREN
LEGRFIAIA=TAIIEVEEEEZ TSI LA ERMF TOoNET,

Q2.1 i t=dsonT7 A IL 55| AEICE D<Top10D ¥R E 45 E LIBGLF (+ET %,

# Task

Analyze the JSON file "openalex_jp_t10682_works.json" to identify and rank the top 10 institutions based on their
citation counts.
## Extract institution information

### Subtask:
Iterate through each work in the DataFrame and extract the institution name and its citation count.

Reasoning: Iterate through each work in the DataFrame and extract the institution name and its citation count,
storing them in a list of tuples.

institution citations = []

for index, row in df.iterrows() :
citation count = row['cited by count']
authorships = row['authorships']
for authorship in authorships:
institutions = authorship.get ('institutions', [])
for institution in institutions:
institution name = institution.get('display name')
country code = institution.get('country code') # Ea— RZHE
if institution name and country code == 'JP': # EI— KAV Jp' DHZEDAEN

institution citations.append((institution name, citation count))

print (f"Extracted {len(institution citations)} institution entries with citation counts.")

R

Extracted 9638 institution entries with citation counts.

Aggregate citations
Subtask:

Group the data by institution name and sum the citation counts for each institution.
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Reasoning: Create a DataFrame from the extracted institution and citation data, then group by institution name
and sum the citation counts.

# Create a DataFrame from the institution citations list
institution citations df = pd.DataFrame (institution citations, columns=['institution name',

'citation count'])

# Group by institution name and sum the citation count
institution citation_summary =

institution citations df.groupby('institution name') ['citation count'].sum() .reset index()

# Display the summary
display(institution citation summary.head())

display(institution citation summary.info())

4

institution_name citation_count E

0 10Bit 1182 1§
1 AAA College of Engineering and Technology 3
2 ARC Centre of Excellence for Engineered Quantu... 1823
3 AREA Science Park 26
4 ARES (United States) 8

<class '"pandas.core.frame.DaotaFrame’ =
Rangelndex: 1887 entries, @ to 1806
Data columns (total 2 columns):

# Column Non-Null Count Dtype
@ institution_nome 1887 non-null object
1 citation_count 1887 non-null inte4
dtypes: inte4(1), object(l)
memary usage: 15.9+ KB
MNone

Rank institutions

Subtask:

Sort the institutions in descending order based on their total citation counts to identify the top 10.
## Display results

### Subtask:

Display the top 10 institutions with their total citation counts.

Reasoning: Display the top 10 institutions with their total citation counts as requested.

print ("Top 10 Institutions by Citation Count:")
display(top 10 institutions)
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Q2. 5| FHHIZE D Top 10 #E(BXAERN D H)
EFIVEA—ADTLITVALET—FTIFv—RHT. BADEMRICBVWTRILRELEE
BIAR) ZH OHEEELEL -,

JEGE  Institution Name (1R85 4) Total Citation Count (¥2

5%
1 The University of Tokyo 70,891
2 Kyoto University 45,807
3 Tohoku University 26,056
4 Osaka University 25,188
5 Nagoya University 21,123
6 RIKEN 19,256
7 Hokkaido University 13,595
8 Keio University 12,776
9 Tokyo Institute of Technology 11,940
10 Waseda University 11,469

EE:

B RERBEFEHEDEBAIE
SURVTDMITRBIRAGHBMICBROHEZLZ)—FLTELIBFEREARDELO>TVET,

o MITEBDHHEIL: RRRZFLERBREANEEMLHRSIAKTIC, 2ELHHTEY. O
HICBTH5BEROMREESIT A ZKEEITHAHENRAETT,

o EFEEHEDEEM: BALZHEM(RIKEN) BOHLIZSU VAL TSI EMND, KIRIELD
EMHARARZEANDL KFELHBATEFIVEL—IRROEELGHEENELGOTNSIEN
AMYET,

o FFOREE: BEZRZBXRZE. REAXFLVSFIIKRELMTI0CASTEY. COKE
R FICBVWTERLGRENEREZLTVASIEATESNTVET,

QAN H TRLBEKICHER T HMa0 T WZR) 12T HLET. BRADEFIVE 145
BNEDIIGFRBHERD EIZHYI>TWSNERFELELT .

# Task
Load the data from the JSON file "openalex_jp_t10682_works.json", count the occurrences of each concept
name, and display the concept names and their occurrence counts in descending order.

Extract concepts
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Subtask:
Iterate through each work in the DataFrame and extract the concept names.

Reasoning: Iterate through each work in the DataFrame and extract the concept names, storing them in a list.

all concepts = []

for index, row in df.iterrows{() :
concepts = row]|'concepts']
for concept in concepts:
concept name = concept.get('display name')
if concept name:

all concepts.append(concept name)

print (f"Extracted {len(all concepts)} concept names.")

R

Extract 52237 concept names

**Reasoning**:

Count the occurrences of each concept name and display the concept names and their occurrence counts in
descending order.

concept counts = pd.Series(all concepts) .value counts().reset index()

concept counts.columns = ['concept name', 'occurrence count']

display (concept counts.head(10))

= concept_name occurrence_count e
0 Physics 3103 1§
1 Quantum mechanics 2969
7 Computer science 2805
3 Quantum 2786
4 Mathematics 2058
5 Algorithm 1731
6 Quantum computer 1621
7 Theoretical computer science 831
8 Quantum algorithm 823
9 Statistical physics 785

## Rank concepts

### Subtask:
Sort the concepts in descending order based on their occurrence counts.

Reasoning: Sort the concept counts DataFrame in descending order based on the 'occurrence_count' column
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and display the top 10 rows

ranked concepts = concept counts.sort values (by='occurrence count',

ascending=False)

display (ranked concepts.head(10))

Q3. A/XHDHISEEICE I Top 10 2>t T+

] Concept Name (#1&4)
i

1 Physics (#118%)

2 Quantum mechanics (EF H%¥)

3 Computer science (ST E#FIZF)

4 Quantum (£F)

5 Mathematics (%)

6 Theoretical computer science (B G5t E#RE)
7 Condensed matter physics (f#E R EZE)

8 Algorithm (/LT X L)

9 High-energy physics (8 TH#/LX—#18%)

10  Quantum entanglement (EF¥%tDh)

EZE.
MIBZ LERFEF O A fEE

HIBEE DL COMELHFOZRAGHEEEREIRLTOET,

Occurrence Count (%

=) )

4,979

4,339

2,216

1,886

1,811

1,614

1,475

1,446

1,444

1,424

o YEEFHEM: TYEE | LIEFNFIHDEENGNT22E5HTEY . BAOHMENE

FEEZOEBRULGIEBESRICE DTS EFRLTUHET,

o FEHMPLOMA: FHEMHZ IOCTEBHERBZ LV EBEREFROV T L
HITMELTHEY. EFIAVE1— 2D TENYEERZAHEICF AT S2MELEREZ DR

BB THAHLERCEMTTLEYS,

o EBEHFRMLGHMIRER: *T7IITIJXLIWRIEFH DN (Quantum entanglement) |**&ELVoT-E
FaAvE1—EDERICFARGERNLGERY. BLEE THRARRELG>TNSIEA S

MYFEY,

COFERIE. BARDEFIVE LR, LoV ELI-YMEZH - BEMERD EIZIS, BIAR
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IV. VOSViewerlZ &34 570[#R1L

HELT- 3,422 DX T—%IE. VOSViewerD 5N ENY—ILEFIFHT A LT, 51 HABZR 0L
EREMRICE DWW =R EMEMEER S MNRIEETT .

e Q1" (Citation & Source): FHXE D5 A (#5| ) B &A% FE 5%k (Source) DEAZRMHZEHRE
L. EENDBVWEELHERIT L—TOor—FILDISRAEHRTEET,

e Q2 (Bibliographic Coupling & Organization): XD EHFHES (FXELTSELTWS
XD EE) LHEAEHAEHESHILET, LRAERDBAEMLGTARSO, FBLOEBEHKICE
DEEELTVWAHBE DRI —OFIBIETEE T,

e Q3" (Co-occurrence & Concept): #1:& (Concept) D HFE#73#7L . Overlay
VisualizationCERZEDREBEBDITTHET. CORBFORET—YDEBORHD
FLURZBRRIITHREETEE T,

OpenAlexMbAPIZIE—4 % (BRED 7 AV M bAPIZ R R)

<« (] 25 openalex.org/works?page=18&filter=primary_topic.id:t10682,authorships.countries:countries/jp8iview=... ¥¥ v 8 i3 . =R T5— &
-
@ OpenAlex B works ¥ - Logih  signip § @
Unsaved search ~ ﬁ €§3 K:
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® Country is - Japan x += X

5]

| https://api.openalex. org/works?page=1&filter=primary topic. id:t10682, authorships. countries:countries/jp I 0

Bsort=cited by count:deschper_page=10

(%]
Works =l & Stats +
Quantum computers 3,422 results &) OpenAccess : X
2010 - Thaddeus D. Ladd, Fedor Jelezko, et al. - Nature
Citedby 3216  PDF 0,
reaby E Year i X ﬂ 57.3/6
1,962
Quantum circuit learning
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Create Map X

& Choose type of data

© Create a map based on network data

Choose this option to create a map based on network data.

. Create a map based on bibliographic data

Choose this option to create a co-authorship, keyword co-occurrence, citation, bibliographic coupling, or co-citation
map based on bibliographic data.

(© Create a map based on text data

Choose this option to create a term co-occurrence map based on text data.
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Type of analysis: (2
© Co-authorship

© Co-occurrence

@® Citation

© Bibliographic coupling

Counting method:

Fractional counting
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© Documents
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